Religious Affiliation and Wrongdoing: Evidence from U.S. Nursing Homes

Abstract. We explore the relationship between organizational religious affiliation and wrongdoing using a
unique dataset on inspections in 16,101 nursing homes over five years. We find that religiously affiliated
homes have more severe violations of standards of care than secular ones. We identify a potential
explanation for this difference: residents are less likely to file formal complaints against religiously
affiliated homes, increasing the time they operate without external monitoring. We posit that this
additional time allows violations to escalate before they are detected. The relationship between religious
affiliation, violations, and formal complaints varies in magnitude and significance across religious
denominations, and disappears for multidenominational homes. We highlight a specific contribution to
the literature on organizational wrongdoing: while most work is concerned with addressing selection
issues at the level of social control agents, we show that religious affiliation can introduce selection in
recording and reporting wrongdoing—but one that happens earlier and inside the organization.
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1. Introduction
Both religion and wrongdoing have interested researchers across the social sciences for over a century
(including Durkheim, Marx, Weber, among others). Research on the relationship between the two comes
primarily from sociology, psychology, and economics but is largely void of any organizational context
(e.g., Evans et al. 1995, Shariff and Norenzayan 2007, Henrich et al. 2010, Preston and Ritter 2013). This
is unfortunate because the organizational context in which actors are embedded influences their behavior
and the extent to which they may cross a legal, moral, or ethical line (Vaughan 1999, Palmer 2012,
Balasubramanian et al. 2017).
In nursing homes, wrongdoing can have dire consequences for a particularly vulnerable
population (Goergen and Beaulieu 2010). Like other healthcare providers, nursing homes serve
individuals who depend on their caregivers for the provision of basic human needs (Goergen and
Beaulieu 2010, Hawes 2003). Although effective monitoring of care homes is critical, recent academic
research (Ody-Brasier and Sharkey 2019) and investigative journalism (Silver-Greenberg and Gebeloff
2021) found severe flaws in the current “five star” system, which is compiled using data from inspections
and self-reports to generate a “quality score” for each home. This system allowed nursing homes to
“mask deep problems” and left many ill-equipped to fix major deficiencies and effectively confront the
COVID-19 pandemic.1
To study how an organization’s religious affiliation may influence wrongdoing in this socially and
economically important setting, we combine (1) home-level data used by Ody-Brasier and Sharkey (2019),
(2) routine inspection data used by New York Times investigators (Silver-Greenberg and Gebeloff 2021),2
and (3) new, granular data on complaint-triggered inspections. We find that religiously affiliated (hereafter
RA) homes have more severe violations—a difference caused almost entirely by RA homes having
violations of the highest possible severity level (Figure 1). This difference remains unchanged when
controlling for observable characteristics or matching RA and secular homes to alleviate some plausible
endogeneity concerns.
[[ INSERT FIGURE 1 ABOUT HERE]]
At first glance, one could infer that violations are more severe in RA homes because of some intrinsic
attribute that causes their members to behave more poorly or regulators to be more lenient. Our results
point to a different explanation: residents and staff in RA homes are less likely to complain about
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wrongdoing to outsiders, reducing the frequency of monitoring, allowing violations to worsen before they
are detected. We trace the difference in the severity of violations between RA and secular homes and find
that it emerges out of reports generated for complaint-based (rather than routine) inspections. RA homes
are at lower risk of facing complaints and enjoy longer spells between complaint-based inspections
(Figure 2). During routine inspections, in contrast, they do not differ from secular homes in terms of the
number or severity of violations identified. For complaint-based inspections, RA homes thus appear in
administrative records as worse offenders than secular homes, but this is not due to poorly behaving
caregivers. Instead, it is due to an interorganizational process that generates fewer complaints.
[[ INSERT FIGURE 2 ABOUT HERE ]]
In the remainder of the paper, we first describe the care home industry to contextualize wrongdoing
in this setting. We explain the role of religious affiliation in care homes, and how wrongdoing can be
identified by state monitoring agencies. We then review the literature on religion and wrongdoing to draw
inferences about the relationship between the organization’s religious affiliation, the likelihood of being
monitored (religious favoritism or bias), the likelihood of internal complaint, and wrongdoing. Next, we
describe the data, research design, and findings and report the results of several robustness tests to
address alternative explanations. We conclude by discussing the theoretical implications of this research
for the literature on wrongdoing as well as practical implications of our findings for policies aimed at
curbing elder neglect and abuse in long-term residential care homes.

2. The Care Home Industry in the United States
Care homes, also known as nursing homes, are institutions where elderly people are cared for outside the
family home. Most residents today are between the ages of 65 and 84, and many are over 85 (~38.6%).
The demand for nursing homes emerged during the second half of the 20th century because of rapidly
increasing living standards, income, and life expectancy. Over time, this industry has expanded: while the
spending on nursing care facilities across the United States was $0.8 billion in the 1960s, it reached $166.3
billion in 2017 (Harris-Kojetin et al. 2019).
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2.1. Regulating and Monitoring Nursing Homes in the United States
Over 95% of nursing homes in the United States are regulated and monitored by the Centers for
Medicare and Medicaid Services, or CMS (see Li et al. 2010). We collected data on all violations of
standards of care between 2010 and 2015 from reports produced by nursing home inspectors. These
granular, inspection-level data cover 16,101 homes serving approximately 1.6 million residents (CMS
2015). For a couple of reasons, these data are most appropriate for investigating the relationship between
an organization’s religious affiliation and wrongdoing. First, these are reliable, longitudinal, and
comprehensive data: a team of about four inspectors visits each care home for several days, follows a
prescribed protocol and writes a detailed report, providing fine-grained information on the type, number,
and severity of the violations of standards of care they identify. In fact, such inspection data have been
used by investigative reporters to demonstrate that self-reported data are often unreliable (SilverGreenberg and Gebeloff 2021). Second, the inspection process provides a unique opportunity to study
the indirect influence of religious affiliation on wrongdoing. This is because the same inspection can be
launched in response to one of two independent triggers3: a regulatory requirement (“triggered” by the federal
government) or a formal complaint (triggered by members of the care home). Federal regulation requires
that each care home undergo an unannounced routine inspection by state-trained professionals annually.4
Formal complaints can be filed against a care home by residents, staff, or family members. Once a
complaint is filed, the state regulator is obligated to follow up with a formal onsite inspection (see
Appendix 1 for details and aggregate statistics about this process).

2.2. Wrongdoing in Nursing Homes: Elder Neglect and Abuse
The elderly in skilled nursing facilities are among the most vulnerable members of our society. They
are dependent on the … nursing facility operator for their food, medicine, medical care, dental care
and a bed; a roof over their heads; for assistance with virtually every daily activity. (Shapira 2000,
quoted in Hawes 2003, p. 447)
Studying wrongdoing in long-term care is important for a large, and growing, number of Americans.
In 2015 over 47 million adults age 65 and older required some form of long-term care (residential or inhome), and this number is expected to nearly double in the next 20 years (Osterman 2017). Yet, elder

4

neglect or abuse has received relatively little attention in the literature (see Hawes 2003 for a review,
including a discussion of data collection issues and potential causes; Dyer et al. 2003, for estimations of
frequency of wrongdoing toward elders in the general population; and Acierno 2003, for a critical review
of methodological issues in these estimations). The dearth of studies on this issue is surprising given that
wrongdoing toward elders is estimated to be as widespread as wrongdoing toward other vulnerable
populations (e.g., children) (Acierno 2003). The problem can also be very severe, with cases of both
abuse5 (e.g., slapping, pushing, inappropriate touching, and sexual assault; Hawes 2003, p. 449) and/or
neglect6 (i.e., the refusal or failure to provide food, clothing, medicine, shelter, supervision, and medical
care; Clarke and Pierson 1999).
The pervasiveness of elder neglect and abuse can be related, at least in part, to the strong dependence
relations between potential victims and would-be wrongdoers. Residents of nursing homes (particularly
those that offer long-term-care services) are on average more likely to experience physical or cognitive
limitations, significantly increasing their dependence on caregivers (Hawes 2003, p. 252). Dependence
creates the opportunity for wrongdoing—whether intentional or not (Shapira 2000, Goergen and
Beaulieu 2010); it also reduces the likelihood that residents will complain. Hawes (2003, p. 247) describes
in detail some evidence on neglect and abuse, collected through case studies and interviews, documenting
how dependence on caregivers increases the cost of retaliation and results in fewer complaints emerging
from the most vulnerable populations. Underreporting by the facilities themselves may constitute yet
another possible source of bias (Hawes 2003, p. 259).

2.3. Religious Affiliation in U.S. Care Homes
Religious organizations have historically been an integral part of the social welfare system in the United
States (Ebaugh et al. 2003, 2006). They have played an active role in public debate, from discussions
about universal healthcare7 to reforms like the Affordable Care Act (Pew Research Center 2009). They
also have a long history of delivering healthcare, and today the Catholic Church is one of the largest
private providers of healthcare in the United States.8 The common rhetoric is that RA organizations
deliver superior-quality services (Amirkhanyan et al. 2009). They “don’t have giant bureaucracies and
endless rules in which they become entangled. They keep their focus on their mission. They don’t keep
hours” (George W. Bush 2002, remarks on the Charity, Aid, and Recovery Act).
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Many long-term-care homes are affiliated with a religion: over 15% of nonprofit homes in our sample
report a religious affiliation in their annual filings. In these homes, religion is made salient through
physical symbols, rituals, and daily interactions with individuals who often share the same faith (Reich
2014),9 such as residents, their families, and/or staff members. Multiple studies show that consumers
select into RA organizations—and specifically care homes—based on their religious beliefs (see, e.g.,
Reinardy and Kane 1999; Castle 2003; Castle and Sonon 2007; Rubinstein et al. 2011; Bielefeld and
Cleveland 2013a, 2013b). For example, Rubinstein et al. (2011) find that people select a Catholic nursing
home as a direct result of their Catholic faith and the home’s religious “tone.” RA homes are particularly
attractive to co-religious (often co-denominational) residents, reinforcing the salience of religion in the
home. These RA homes are also exempt from antidiscrimination laws in hiring based on religion,
allowing them degrees of freedom to hire co-religious employees. A RA home is thus likely to have
characteristics of a “strong identity”: because they live on the premises, residents are deeply embedded in
these institutions, and religion is featured prominently in symbols, rituals, and daily activities with coreligious members—residents and sometimes staff.

2.4. Recording Wrongdoing in Care Homes
2.4.1. Inspections in Care Homes
Whereas religion figures prominently in the identity of RA homes, it plays no role in the legal definitions
of what constitutes a violation of federal standards of care. All nursing homes are required to abide by
precise care standards when engaged in their activity. Failure to comply can result in financial penalties
and, if not rectified, exclusion from federal programs.
Nursing homes face routine inspections at a federally mandated frequency. State agencies are also
legally required to follow up on every formal complaint with an inspection. Regardless of the trigger for
the inspection, a team of state-trained professionals conducts unannounced visits during which they
spend several days at the facility to check whether it complies with federal requirements. These inspectors
follow detailed guidelines to monitor compliance in terms of medication management, proper skin care,
assessment of residents’ needs, nursing home administration, overall environment, kitchen/food services,
and residents’ rights and quality of life.10 Each inspection yields an official report that includes
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information not only about the number and type of violations identified but also about their severity
(details about how these measures are constructed by CMS are provided in section 5).

2.4.2. Reliability of Inspection Records
Each report includes information about whether an inspection is conducted in response to a complaint or
whether it is routine. The two types of inspections are conducted identically, following the same
protocols and by the same regulatory agency using the same inspector pool. Inspectors are usually
assigned to a case based on availability and qualifications, not on whether it is triggered by a complaint.
The reports provide additional, granular information about the violations identified during the visit.
These include a text description of each violation and a letter grade reflecting both its severity and scope
on a 12-point scale. Figure 3 depicts the CMS grading scheme. Based on the level of harm caused to
residents, the type of violation recorded by inspectors (the so-called F-tag) can be linked to one of four
severity levels. For example, if inspectors find an expired carton of milk in a nutrition fridge (Tag F-371),
the violation would be categorized as least severe (letter grade A, B, or C for “No actual harm with
potential for minimal harm”). By contrast, a resident’s death caused by unsafe mobile transfer (Tag F323) would be categorized as most severe (letter grade J, K, or L for “Immediate jeopardy to residents’
health or safety”; see U.S. Department of Health & Human Services 2019, p. 9). Inspectors must also
decide whether the violation is isolated, whether there is a pattern, or whether it is widespread in the
home. For a most severe violation, an “isolated” accident would receive the letter grade “J,” a “pattern”
of accidents would be graded “K,” and a “widespread” problem would be categorized as “L.” The final
letter grade is therefore composed of two dimensions: severity and scope of the violation.
[[ INSERT FIGURE 3 ABOUT HERE ]]
Note that inspector-level “subjectivity” in assessing the severity of a violation is nonzero but limited.
The text description provides some indication of the appropriate F-tag as well as of the severity of the
violation, textual indications that reporters have used to identify questionable decisions (Silver-Greenberg
and Gebeloff 2021). Some violations—for example, that of resident’s right to be free from physical
restraint (Tag F-604)—require minimal grades of severity (e.g., for Tag F-604, this would be “No actual
harm with the potential for more than minimal harm,” or higher). By comparison, the scope of a violation
is more susceptible to biases because the guidelines leave greater room for interpretation. For example, if
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a home comprises two buildings with only one experiencing an extensive pest infestation (Tag F-469),
biased inspectors might categorize the deficiency as “isolated”—because only one location is affected—
or they might categorize it as “widespread”—because half the residents are affected. In the first instance,
the decision would result in a letter grade “D”; in the second instance, it would result in an “F” deficiency
(see U.S. Department of Health & Human Services 2019, p. 9).
Given these characteristics of the 12-point grading scheme and given the two possible triggers for an
inspection (one dependent on the organization, not the other), we expect that differences between the
severity of violations identified in routine and complaint inspections should reflect differences in the “datagenerating process” that precedes the two triggers (see Appendix 3a for a flow chart of the “violations
report” data-generating process and Appendix 3b for a simple representation of our assumptions
regarding where religious affiliation might influence this process).

3. Theory
Religious affiliation shapes an organization’s formal and informal blueprint. Religion infuses organizations
with a strong identity encompassing core beliefs about higher purpose, law, and morality. In RA
organizations, members often share the same faith and beliefs. As documented in Catholic schools and
hospitals (Coleman and Hoffer 1987, Reich 2014), members subjugate themselves to a separate, shared
system of beliefs, and to a separate and distinct system of organizing interactions. Religions have their
own structure, culture, incentives, norms, and authority relationships—creating, in RA organizations,
alternative “organizational” routes through which acts that may have crossed an ethical line are
interpreted, labeled, and resolved.
Wrongdoing can be influenced by the organization’s religious affiliation directly and indirectly
(Tracey 2012). It can be direct when religious beliefs make certain behaviors more or less likely to occur
(Weaver and Agle 2002; see also Chan-Serafin et al. 2013, p. 1592, on religion and moral disengagement).
It can be indirect when the religious affiliation changes the interpretation, labeling, and reporting of acts
to outsiders; shaping the justification of offenders, the interpretation of victims, and even the vigilance of
social control agents (see, e.g., a discussion of child sex abuse in the Catholic Church in Keenan 2013).
This implies that at the organizational level, any observed difference in wrongdoing between RA and
secular homes could be driven by different rates of violations, different rates of detection, or both.
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Although wrongdoing is often conceived of in absolute, normative terms (an act that violates some
rule), sociologists have long recognized that for wrongdoing to exist, an actor needs to violate some rules,
and that act needs to be noticed and subsequently labeled wrongful by a social group (Becker 1963,
Palmer 2012).11 For wrongdoing to appear in administrative records, an event must occur, and a social
control agent must detect that violation, label the act wrongful, and make a record of it (see Palmer 2012,
chapter 11, for an overview of the role of social control agents in labeling and recording misconduct).
This problem has long been treated as a statistical obstacle at the environmental level (most frequently
regulatory agencies or regimes proxied by variation across geographical areas, for example). Concerns
regarding the reliability of inferences about the antecedents of wrongful behavior stemmed from the
recognition that the data-generating process is intrinsically biased. Traditional accounts attribute this
problem to social control agents, since they may be (intentionally or not) selectively monitoring and
punishing some wrongdoers and not others. But in organizations, processes of information interpretation
and retention may also result in data that are biased – even before social control agents have access to it.
We next briefly describe the traditional accounts of biases (by social control agents), and then discuss
how—even in the absence of these possible biases—organizational attributes (in our case religious
affiliation) can impact how data are interpreted, labeled, and retained.

3.1. The Effect of a Religious Affiliation on Social Control Agents
A shared identity among any monitored group of actors can affect the vigilance and quality of
monitoring. Different levels of attention and punishment can mislead scholars by biasing the samples of
(identified) wrongdoers. This problem was articulated by sociologist Edwin Sutherland (1940), who first
introduced the idea that white-collar crime is difficult to study because activities labeled as criminal,
collected primarily from police records, oversample lower social classes:
The conception and explanations of crime which have just been described are misleading and
incorrect ... The conventional explanations are invalid principally because they are derived from
biased samples. The samples are biased in that they have not included vast areas of criminal behavior
of persons not in the lower class. (p. 2)

9

Modern developments extend this argument to implicit (Bertrand et al., 2005) or explicit
oversampling along race, gender, and status lines (Graffin et al. 2013, Arnold et al. 2018) and even along
non-identity-based characteristics such as social context (Moore and Pierce 2016) or prior social
interactions (Short et al. 2016). For instance, Kovacs et al. (2018) show that strong social ties between a
restaurant inspector and a restaurateur can lead to leniency in a hygiene inspection score. Religious
affiliation, being a clear and strong identity that places a care home within a clearly defined social group,
may lead to similar inspector–home dynamics. Inspectors may perceive RA homes as more caring and
upright, in turn inspecting them less often, or less carefully. Inspectors may also be more accomodating
(or conversely hold the home to higher standards) and may be more (or less) likely to develop social ties
with RA homes than with secular ones.
Further, religious affiliation may shape the interaction between an organization and its inspector by
“treating” religious inspectors to perceive an act as less wrongful than it is. A large body of literature
suggests that religious individuals respond less negatively to adverse events, with a stronger effect in the
presence of religious cues (Inzlicht and Tullett 2010). For example, compared with secular individuals,
religious people feel less anxiety and more control when facing negative life events (Kay et al. 2010).
Religious beliefs can relieve anxiety: in a randomized experiment, Inzlicht and Tullett (2010) prime
individuals with the concept of God and find that when confronted with mistakes, treated individuals
show lower levels of neural signals linked to anxiety than those in the control group (but only treated
individuals who self-identify as religious). Religious inspectors may therefore view the same violation as
less serious when surrounded by religious symbols in a home than they would in a secular home.
In sum, the religious affiliation of a home can elicit a negative bias (or favoritism) from the inspector,
resulting in more (less) inspections, or a higher (lower) severity assessment for violations identified during
the inspection. Inspectors can also develop a form of dyadic favoritism toward the home (e.g., Short et al.
2016), leading to lower-severity assessments. Finally, if inspectors themselves are religious, they may
perceive violations in RA homes as less severe.

3.1.1. The Effect of Religious Affiliation on Wrongdoing inside the Organization
Before being monitored by social control agents, some organizational attributes can produce systematic
differences in how acts are interpreted and in whether they are reported and recorded in administrative
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data. We focus on one attribute (religious affiliation) and one path through which data on wrongdoing
can be biased—the likelihood that members of the organization will report wrongdoing to social control
agents. Appendix 3a and 3b features a simplified flow chart illustrating how wrongdoing in care homes is
recorded and outlines the possible relationships between our variables. The true rate of violations (V!" )
cannot be observed, but we can make inferences about the relationship between religious affiliation and
wrongdoing by comparing RA and secular homes in terms of the difference in their respective rates of
violations in routine versus complaint inspections. Provided our assumptions are correct (we articulate
these assumptions in section 5 and depict them mathematically in Appendix 3a and 3b), we can
conjecture about differences in the underlying rates of violations in RA and secular homes—differences
that cannot be explained by social control agents having particular biases toward (or against) RA homes.

3.1.1.1. Direct Effect of Religion on Wrongdoing
Recent reviews reveal no clear theoretical prediction about the direct influence of religious affiliation on
wrongdoing (Tracey 2012, Chan-Serafin et al. 2013). On one hand, religion may itself have a tempering
effect on wrongdoing by increasing prosociality and care for others. On the other hand, religious
norms—for example, norms about equal treatment for women and LGBT individuals—can decouple
from societal norms that eventually become legally enshrined, and these can vary significantly between
religions and denominations (for a discussion on decoupling of organizational norms from those of the
broader society, see Greve et al. 2010, Mohliver 2019 and Palmer 2012, particularly chapter 5 on
organizational culture and wrongdoing and chapter 7 on administrative systems and wrongdoing).
Religion could also provide a sense of righteousness, increasing moral disengagement, which can result in
wrongdoing that is perceived to be justified by a higher cause (Chan-Serafin et al. 2013). Rather than try
to reconcile contrasting predictions for the direct influence of religious affiliation on wrongdoing, this
paper theorizes about the indirect and overlooked influence of religious affiliation on wrongdoing.

3.1.1.2. The Effect of Religious Affiliation on Labeling and Reporting of Wrongdoing
The literature provides numerous reasons to expect differences between RA and secular organizations in
terms of how actions are interpreted and reported to outsiders. Organized religion is a type of organizational
form: it has distinct structures, a division of labor, routines, and rules about and definitions of appropriate
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behavior. There are specific chains of command, relationships of authority, and sometimes court systems
to resolve disputes among members or between members and the organization (e.g., in the Catholic
Church, in the Church of Jesus Christ of Latter-day Saints, in Jewish rabbinical courts, or in Islamic
courts). Thus, religious organizations often have distinctive dispute-settlement systems. Theological
positions on such aspects as the role of the priest and the emphasis—or lack thereof—on engaging with
broader social issues shape these systems (Hinings and Raynard 2014). The dispute-settlement process is
usually handled by the organization, “which enhances its capacity for self-protection through dispute
containment. Whether the organization reacts openly and responsively or secretively and defensively,
disputes are contained and relatively few cases become a matter of public record” (Bromley 1998, p. 147).
Co-religious individuals tend to share core beliefs and values. For example, Catholics share norms of
suffering and forgiveness, routines of cerements, and the acceptance of a religious authority that extends
to multiple domains in life. Consequently, RA organizations often feature a “dual organizational
structure”: that of the organization and that of the religion with which it is affiliated (Chaves 1993). The
existence of parallel organizational structures with their own culture, authority relationships, and
mechanisms of conflict resolution provides alternative organizational routes to handle wrongdoing
internally. This suggests that, on average, members of RA organizations will be less likely to complain to
outsiders. Below, we briefly elaborate on the processes that underlie this prediction.
Religious affiliation may “treat” individuals (social control agents, but also wrongdoers and victims)
to perceive a given act as less wrongful. As mentioned earlier, religious individuals respond less negatively
to adverse events (Inzlicht and Tullett 2010) and experience less anxiety and greater control in the face of
adversity (Kay et al. 2010). This implies that, faced with identical acts, religious members of RA
organizations may experience negative events as less negative (than when they are not primed with the
concept of God to a similar extent; see Appendix 4a and 4b for examples of activity schedules and visual
representations of religion taken from RA and secular homes).12 This suggests that the same act may be
labeled as wrongdoing in a secular home but not in a RA home.
In addition, there are compelling reasons to believe that even if religious affiliation does not influence
the labeling of wrongdoing, it reduces the likelihood of reporting it. Religion employs a wide range of
social control methods: early socialization, parental reinforcement, appeals to tradition and an all-seeing
judge, and collective activities that foster social ties, facilitate internal monitoring, and increase the cost of
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disobedience (Iannaccone 1998). In RA organizations, these methods often rely both on identity-based
social control (reliance on a collective identity to dictate members’ behavior; see Tracey 2012) and peerbased social control (i.e., the belief that one’s behavior is being monitored by others).
Identity-based mechanisms can reduce the likelihood of members complaining to outsiders.
Members who identify with an organization—those who have a feeling of “oneness” with it—tend to
blame negative events on situational factors and thus to avoid holding the organization responsible.
These members sometimes attribute abuse to external factors or rationalize negative events (Zavyalova
et al. 2016). Unlike secular homes, RA homes can draw on spiritual and emotional values to discipline
their members, such as demanding sacrifice in the name of religious service (Kanter 1968). Reich (2014)
describes how a Catholic hospital resisted unionization through identity-based social control:
A nun approached a pro-union worker and told her she was “greedy” for wanting a union … The
rhetoric that the hospital used, one organizer explained, “made it very clear that supporting the union
means you’re against the hospital. Which is a big deal … That resonates with people in a big way.”
This organizer recalled that people turned against the union faster than he ever expected. (p. 118)
In focusing on peer-based mechanisms, sociologists have discussed how religious groups can provide
relatively dense networks of relational ties that facilitate higher levels of cooperation in matters of
collective oversight and social control (Coleman 1990). While discussing religious cults, O’Reilly and
Chatman (1996) suggest that peer-based social control may stifle dissent. They describe some religious
denominations where “criticism is not appreciated and obedience is expected,” with “those out of favor
being deprived of friends” (pp. 178–179). Some religious organizational contexts may therefore promote
destructive conformity (Pratt 2000). Reich (2014, p. 118) provides examples at a Catholic hospital:
“Workers were ‘scared of retaliation, … scared to say anything.’”
Organizational features of RA organizations may also reduce the likelihood that members will
complain to outsiders. As suggested above, religions have distinct norms, routines, divisions of labor,
authority relationships, and legal systems; these protect the affiliated organization from a member calling
on outsiders, such as state authorities.13 Indeed, evolutionary sociology contends that this is a product of
natural selection: religions that discouraged members from exposing faults to outsiders survived, whereas
religions that did not were selected out (Atran and Henrich 2010).14
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In sum, an organization’s religious affiliation often fosters a cognitive and emotional link between the
organization and its members (Ashforth and Mael 1989, Mael and Ashforth 1992, Dutton et al. 1994)
whereby the latter internalize norms of solidarity with and loyalty to the organization (O’Reilly and
Chatman 1996). Socialization techniques can also ensure that members’ actions will be dictated by the
supposed will or purpose of the organization with which they identify (Coleman 1990, p. 295). The
internalization process can further prompt members to act in the organization’s interests instead of their
own (Kanter 1968, O’Reilly and Chatman 1996). This combination of wrongdoing-obfuscating features
may have been the result of evolutionary selection, facilitating the survival of religions that developed
mechanisms to discourage scrutiny by outsiders (Atran and Henrich 2010).
We would therefore expect that RA care homes face lower risks of complaints from their members
than secular care homes do.

3.2. The Relationship between Complaints and Violations
It is widely accepted that, all else being equal, monitoring, or even just the expectation of being
monitored, increases compliance. In the absence of monitoring, violations tend to spread and worsen.
This implies a simple but important relationship between religious affiliation, complaints, and violations:
if RA organizations have a lower risk of complaint—and thus lower levels of external monitoring—
violations may worsen before they get detected by social control agents.
An extensive literature supports this notion of a “slippery slope” effect (Welsh et al. 2015). It argues
that violations, if not caught, can lead to more, and more severe, violations. In organizations, relatively
trivial violations may gradually worsen if they are not caught early: for example, in the context of financial
reporting, Gino and Bazerman (2009) find that people are more accepting of others’ unethical behavior
when ethical degradation occurs slowly over time. In a review of the literature, Moore and Gino (2013)
highlight the interaction between sociopsychological mechanisms and organizational processes:
Social norms and social categorization can serve as facilitators of moral neglect and [we] have
identified two main ways in which this occurs. First, because we look to others for norms of
appropriate behavior, we tend to emulate their behavior, regardless of its moral content. Second,
social categorization creates in-groups with whom we identify and feel psychologically close, and we
can be easily blinded to the unethical consequences of their behavior. (p. 71)

14

An expectation of being reported or punished has a large effect on individuals’ tendency to engage in
wrongdoing. Importantly, this effect has been shown to be symmetric: as reporting and punishing
becomes rarer, violations worsen. In a series of lab experiments, Gino et al. (2013) find that the
opportunity to avoid monitoring produces more unethical conduct—even more than in conditions where
monitoring is entirely absent. Other lab studies have replicated empirical correlations between audits on
compliance, demonstrating a causal negative relationship between the likelihood of being audited and that
of engaging in tax evasion (Spicer and Thomas 1982). Using archival data, Bar-Ilan and Sacerdote (2001)
find that the probability of running a red light decreases sharply in response to an increase in the
probability of being caught. Gneezy (2005) finds that engaging in wrongdoing—from lying to cheating
and stealing—is strongly influenced by expectations of detection and punishment (see also Fisman and
Miguel 2007). In short, extant research across the social sciences suggests that wrongdoing decreases as
monitoring, or even just the expectation of monitoring, increases.
If RA homes are at lower risk of complaint-triggered inspections, we would expect the violations
identified in complaint-based inspections to be, on average, more egregious in RA care homes than in
secular homes. We might also expect that the number of violations identified in complaint-based
inspections is, on average, greater in RA care homes than in secular homes.

4. Data
To investigate the relationships between religious affiliation, complaints, and violations, we began by
constructing an inspection-level data set using CMS information on all violations identified in all U.S.
states between January 2010 and January 2015.15 Nursing home facilities that receive federal Medicaid or
Medicare funds must be inspected, which means that the data cover virtually all nursing homes in the
United States (N = 16,101). For both routine and complaint-triggered inspections, the data include
reports on every violation identified during the visit: information on (i) the number of violations
identified by inspectors during their visit, and (ii) the severity of those violations. We complemented this
inspection-level dataset with CMS firm-level data, which contain additional information on nursing
homes (e.g., facility and resident characteristics, location, and care quality). We then collected data on the
denominational affiliation of each religious home manually to arrive at our final dataset.
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Our unit of analysis is the inspection, with 5 years of reliable, uninterrupted data. The sample
includes 104,204 observations, however, some observations are missing and thus drop out in our
analyses. According to CMS, there are two types of missing data: either the facility was recently opened
(and thus is “too new” to report on some survey items) or the facility failed to report them, which is not
random (see Silver-Greenberg and Gebeloff 2021 and Ody-Brasier and Sharkey 2019). To avoid
introducing bias to our sample by deleting observations with missing data, we manually inspected the data
and imputed missing values when possible. Our final sample includes 70,635 observations with some
remaining missing data.

5. Empirical Approach
Our approach was designed to minimize the inspector-based bias component. This guided our choice of
dependent variable (severity, rather than scope; see further details below) and our research design
(comparing violations identified during complaint vs. routine inspections). Our approach is facilitated by
several unique features of the inspection process: the same regulatory body conducts similar inspections
using the same pool of inspectors and following the same process to identify the same possible set of
code violations. However, because federal law requires that homes be inspected annually, religious
affiliation can influence only one of the inspection triggers: the likelihood that members of the home file
a formal complaint.16 Any other influence of religious affiliation on the process should be similar whether
the inspection was triggered by a complaint or by an annual regulatory requirement. Indeed, our data
show that the time between two routine inspections is statistically identical between RA and secular
homes (1% longer for RA homes, p = .145). By contrast, the time between any two complaint-based
inspections in RA homes is 20% longer than in secular ones (p =.000). By studying the difference in the
severity and number of violations identified in routine versus complaint-based inspections and in RA
versus secular homes, we can make inferences about the relationship between religious affiliation,
complaints, and violations.
The main statistical concerns in using these data stem from the nonrandom allocation of religious
affiliation and inspectors. Specifically, we need to account for (1) unobserved heterogeneity between RA
and secular homes, and (2) unobservable, residual biases from state regulators and (3) unobservable,
residual biases from individual inspectors. We try to address nonrandom allocation of religious affiliation
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to care homes first by including state fixed effects (comparing homes embedded in similar populations
and regulatory environments) and by using coarsened exact matching (CEM). We match RA and secular
homes on (a) home size, (b) the U.S. state in which they are located, and (c) resident characteristics (i.e.,
proportion of residents on Medicaid and of white residents). We then try to address residual inspector
bias by collecting qualitative evidence on repeated interactions as well as aggregate data on biases in
response to complaints (Appendix 1) and by using subsample analyses to investigate the possibility of
dyadic favoritism (or targeting) from inspectors toward RA or secular care homes (section 6.2.3). Our
results are largely unchanged across these tests.

5.1. Variables
5.1.1. Dependent Variables
Complaint is a dummy variable equal to 1 for inspections triggered by a complaint.
Number of violations is a count variable of the number of violations identified during the inspection.
A key variable of interest is the Severity of violations. As suggested earlier, CMS consider four severity
levels: violations with letter grades A, B, or C—the least serious—are defined as causing “No actual harm
with potential for minimal harm”; those with letter grades D, E, or F are defined as causing “No actual
harm with potential for more than minimal harm that is not immediate jeopardy”; letter grades G, H, or I
correspond to “Actual harm that is not immediate jeopardy”; and letter grades J, K, or L—the most
severe violations—signify “Immediate jeopardy to resident health or safety.” Variation within each
severity level captures the scope of the violation. In other words, severity refers to the impact of a
violation on resident health and safety while scope represents the number of residents possibly affected
by the violation (see Figure 3). To capture severity, we build an ordinal measure corresponding to the
degree of harm caused by the worst violation identified during an inspection. We thus code Severity as 0
when no deficiency was reported; as 1 for violations coded A–C; as 2 for those coded D–F; as 3 for those
coded G–I; and as 4 for violations coded J–L. For example, if a home receives three violation citations of
letter grades B, C, and F, then Number of violations is coded 3 and Severity is coded 2 (for letter grade F).
No single measure perfectly captures severity (and various measures have been used in the literature),
but we rely on this particular measure for a few reasons. First, it is consistent with our conceptualization
of severity in that it describes the level of harm to residents. For example, we would consider instances of
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sexual assault against one resident to be no less severe a violation than instances that would affect two
residents. Second, we note that regulators have adopted a similar conception of severity; see, for example,
how some state-level Offices of the Legislature Auditor rely on four severity levels (A–C, D–F, G–I, and
J–L) to issue recommendations for appropriate amounts of civil monetary penalties against violators.17
Last, we note that scholarly work in public health (see, e.g., Castle et al. 2011) and economics (e.g., Ruffini
2021) has also used measures that disregard differences in scope (e.g., letter grades J, K, and L are coded
as “very severe” violations; all others are coded as “less severe”). At the same time, because scope is a
distinct but important dimension, we also show the results of our main analyses with two alternative
dependent variables: we use the 12-point scale (A–L) as a measure for severity; we also regress scope
(coded 1 for “isolated” incident, 2 for “pattern,” and 3 for “widespread”) on our independent variables.

5.1.2. Independent Variables
We used the CMS classification to create a dummy, Religious home, set to 1 for RA homes and to 0 for
secular homes. These data are reported to CMS by all nursing homes on Form CMS-2540-10.
CMS does not collect data on the denomination of religious homes. With the help of two research
assistants, we collected these data manually. We searched for and visited the website of each home coded
as “religiously affiliated” in our dataset and recorded the most granular information available. We then
used a well-established coding scheme developed by Steensland et al. (2000) to group these affiliations into
broader categories. Note that although this process was very straightforward for some affiliations (e.g.,
Catholic), it proved difficult for others—especially for distinguishing between Mainline and Evangelical
Protestant.18 We therefore caution against inferring any relative effect of one denomination compared with
another from coefficient differences between these denominations.
Our coding scheme resulted in the following breakdown: Catholic (21%), Mainline Protestant (31%),
Evangelical Protestant (9%), “Christian” (15%), Other (e.g., Jewish; 1.5%), and Multidenominational (4%). The
latter category indicates that some facilities include several denominations (examples in our data include
Catholic–Protestant, Southern Baptist–Lutheran, and Mennonite–Baptist–Methodist combinations (see
Appendix 5 for the breakdown by denomination and further details about the coding scheme).
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5.1.3. Control Variables
Our analyses control for inspection-level variables. Both inspectors and care homes may be influenced by
the history of violations of a home (e.g., a home with a history of excellent reports may subsequently
experience relatively lenient inspections). To account for such path dependence, we controlled for the
severity of the worst violation identified in the previous inspection with Lagged severity of violation. We
then created the variable Days to inspection, which captures the number of days elapsed since the last
inspection. Last, inspectors are required to conduct follow-up inspections when substantive issues are
flagged to ensure that the home is taking appropriate corrective measures. These inspections typically
occur within weeks of the original inspection. We coded these Follow-up inspections as 1, and as 0 otherwise.
Note that we also ran all analyses without these follow-up inspections (see Appendix 6).
We included several home-level control variables. First, a home’s quality of care is captured by the
facility’s Star rating for quality. The “five-star rating” has been heavily criticized because several of its
components are self-reported by the care homes (Silver-Greenberg and Gebeloff 2021). The score we use
is computed by CMS and is only one of the star rating’s three subcomponents—all of which are available
online to guide prospective residents. The quarterly data used in this rating reflect outcome-based
measures that are known to capture the quality of care provided in a nursing home. We chose this
subcomponent of the rating because it is less prone to “gaming” by care homes than, for example, the
staffing rating (Ody-Brasier and Sharkey 2019). Some manipulation might still occur (Silver-Greenberg
and Gebeloff 2021), but our interviews make us confident that it would create noise rather than bias.
For profit is a dummy variable which takes the value 1 if the care home is for-profit (and 0 otherwise).
The size of a nursing home is measured as (the natural logarithm of) its Number of residents. To proxy for
strain, whereby homes that are underperforming would compromise standards of care to reduce costs, we
used the Occupancy rate, which captures the annual ratio of residents to beds. We also computed the
driving Distance to the closest competitor to control for the availability of substitutes and competitive
pressures. To control for differences in the profile of residents across homes, we used two measures: the
Proportion of residents dependent on Medicaid (%) and the Proportion of white residents (%).
Last, we captured possible time trends by including dummies for the Month and Year of observation.
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5.2. Estimation Strategy
First, we are interested in the occurrence of specific events over time (i.e., complaint inspections); hence,
we used a survival analysis. Although the hazard rates looked parallel between groups on a log scale with
respect to the smoothing, we tested the proportional hazard rates assumption with an analysis of
residuals. The latter suggested that several variables violate the assumption. To choose the appropriate
parametric specification for the function of time, we followed Cleves et al. (2008) to compare nested
models, and we compared goodness-of-fit indicators (AIC) for non-nested models (Castilla 2007). These
analyses led us to select a Weibull monotonic function for time. Note that our survival models allow for
multiple failures (i.e., complaint-based inspections) per nursing home.19
Second, we used a generalized ordered logit specification to model Severity of violations. An advantage
of this specification is that it can estimate models that are less restrictive than the proportional odds
models but more parsimonious than those estimated by a non-ordinal model, such as multinomial logistic
regressions (Williams 2006). We used an iterative process to identify the partial proportional model that
best fit the data and to identify those variables that did not meet the proportional odds assumption.
Third, we used a negative binomial specification to model the number of violations identified by
inspectors. Note that only 6% to 7% of our observations in any given year resulted in no violations, so a
zero-inflated specification was not appropriate. Furthermore, test results confirmed that a negative
binomial specification was more appropriate than Poisson (Deviance of goodness-of-fit: Prob Chisquare(70608) = 0.0000; Pearson goodness-of-fit: Prob Chi-square(70608) = 0.0000).

5.3. Addressing Unobserved Heterogeneity
Although our analyses include a variety of important controls, there might be some heterogeneity
between RA and secular care homes influencing complaints or violations that these controls do not
capture. Based on recent press coverage (Ornstein and Groeger 2012, Silver-Greenberg and Gebeloff
2021), we were particularly concerned that state-trained inspectors systematically differ in their
assessments of severity across state lines. This evidence suggests that differences in the perceived severity
of similar violations typically stem from differences across state lines. A likely explanation for this is that
inspections are conducted by different state agencies. We approached this by using state fixed effects in
all our analyses (we clustered the standard errors by state in all models).
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We were also concerned that homes cater to different pools of residents depending on local
market characteristics. Ideally, we would compare a religious home and a secular home operating in the
same local market and therefore catering to similar residents. To get as close as possible to this scenario,
we adopted a case-control design. Using CEM (Iacus et al. 2008), we constructed a control sample by
pairing each RA home with observationally equivalent secular homes. As noted by others (e.g., Rogan and
Sorenson 2014), CEM has several advantages over other techniques that match on observables, such as
propensity score matching. We matched observations on the U.S. state in which the home is located, on
home size (Number of residents), and on residents’ sociodemographic characteristics (Proportion of
residents on Medicaid and Proportion of white residents). This nonparametric method of preprocessing
the data helps “control for some or all of the confounding influences of pretreatment control variables by
reducing imbalance between treated and control groups.”20
This preprocessing involves a trade-off: coarser matching reduces the value of the matching but
increases the number of available matches; finer-grained matching limits the number of available matches
but better accounts for variation in the data. We followed Rogan and Sorenson (2014) and aimed for a
case/control ratio of 1:10. Balance tables reveal that the matching of observations significantly reduced
observed differences between religious and secular care homes (see Table 1). We ran our main regressions
on this matched sample and show the results next to those derived using the full sample. This strategy
helped us reduce concerns that our results are affected by systematic differences between homes in terms
of the local market in which they operate and/or the socioeconomic characteristics of their residents.

6. Results
6.1. Main Analyses
Table 2 presents the descriptive statistics and correlations for the full sample.
[[ INSERT TABLES 1 & 2 ABOUT HERE ]]
We also provide descriptive information about secular and RA homes. Figure 1 shows the raw data
for severity and number of violations in RA and secular care homes. We can see differences between RA
and secular homes, and these differences remain when we look at complaint inspections only. RA care
homes seem to have slightly more violations, and substantially more of the severest violations—namely,
level 3 or 4 (i.e., actual harm or immediate jeopardy).
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Next, we examined the number of days between two complaint inspections and between two routine
inspections for both RA and secular homes. We observe no statistically significant difference between
secular and RA homes (381 vs. 377 days respectively, p = .145). The mean number of days between
complaint inspections is 156 for secular homes and 180 for RA homes. This difference is significant (p
= .000). Figure 2 presents the Kaplan-Meier survival estimates for secular and RA homes receiving a
complaint. We checked the equality of the survivor functions across groups and find that RA homes
receive fewer and less frequent inspections triggered by complaints than their secular peers: chi-square
(1) = 265.30 p = .000 (Wilcoxon); chi-square (1) = 276.94 p = .000 (Tware), and chi-square (1) = 175.84
p = .000 (Peto). The risk of a complaint inspection is therefore significantly lower for RA homes,
consistently across the entire range of survival time. Much like other contexts, in our data the relationship
between time and the severity of violations is positive (see Appendix 7): the longer the home operates
without monitoring, the worse the violations can become. Overall, the raw data suggest that RA
organizations differ in the number and severity of violations. They also suggest that, without accounting
for differences between the two types of homes, RA homes are at lower risk of experiencing a complaint
inspection and that the more time passes, the more likely they are to have more severe violations.
Table 3 presents the results derived from Weibull non-proportional hazard models. Column (1)
reports results for the full sample. Our key variable of interest is Religious home, and we find that,
whatever the hazard rate of a complaint at a particular time for secular homes, the hazard rate at the same
time for RA homes is only 0.87 times that value (non-exponentiated b = −0.136, p = .000). Column (2)
reports results of the same analyses on the matched sample of observations. We obtain similar results: the
hazard rate of a complaint for RA homes is only 0.89 times that value (non-exponentiated b = −0.114,
p = .003). Thus, the hazard rate of facing a complaint inspection is lower for RA than for secular homes.
[[ INSERT TABLE 3 ABOUT HERE ]]
Next, we turn to the severity of the deficiencies identified. Table 4a shows the results of a generalized
ordered logit specification that predicts the severity of the violations identified by inspectors. We begin by
examining whether RA homes experience more severe violations. We find that this is not the case: in
Model 1, the coefficient for Religious is positive but not statistically significant (b = 0.059, p = .350).
Note that the variable Religious meets the parallel-lines assumption, unlike Complaint, which we add in
the next model and report for each severity level. Model 2 shows that inspections triggered by a
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complaint tend to produce worse violations, and that this effect is most acute at the highest severity cutoffs. For example, results show that a complaint inspection multiplies the odds of identifying violations
of the maximum possible severity (level 4, i.e., immediate jeopardy) by 7.21 (=exp(1.976)).
[[ INSERT TABLE 4a ABOUT HERE ]]
In Model 3 we introduced the interaction Religious home × Complaint, which meets the parallel-lines
assumption. Interaction effects are difficult to interpret in nonlinear models; we thus report the predictive
margins holding all controls at the mean (see Appendix 8a for details). Our results suggest that for
inspections triggered by complaints, the predicted probability of identifying violations of the worst
possible severity (level 4) is 3.34% if the home is secular and 4.51% if the home is RA. The difference
between the two types of homes is considerably smaller for violations identified during routine
inspections: the predicted probability is 0.45% in secular homes and 0.38% in RA homes.
Note that it is at higher severity levels that inspectors record worse violations during complaint
inspections in RA homes. For example, the predicted probability of identifying violations whose severity
is at least of level 3 (i.e., actual harm) is 9.82% if the home is secular and 12.61% if the home is RA. Here,
too, the severity in RA compared with secular homes is nearly identical for routine inspections: the
predicted probability is 1.66% in secular homes and 1.42% in RA homes.
Models 4, 5, and 6 replicate these analyses on the matched sample of observations. Our results are
consistent with those in the full sample: as before, Model 4 shows that a religious affiliation has no
significant main effect on the severity of violations identified (b = .052, p = .428), and Model 5 suggests
that complaints lead inspectors to identify significantly more severe violations than routine inspections.
Complaint inspections multiply the odds of identifying violations of the worst possible severity (level 4)
by 2.41 (=exp(.880)). Model 6, which introduces the interaction between Religious and Complaint, yields
a positive and significant estimate. We find that for inspections triggered by complaints, the predicted
probability of identifying violations of the worst possible severity (level 4) is 3.17% in a secular home and
3.95% in a RA home. Again, even in this matched sample, the difference between secular and RA homes
virtually disappears in routine inspections: the predicted probability is 0.35% for secular and 0.31% for
RA homes. Overall, these results suggest that complaint inspections identify worse violations in RA
homes than in secular homes whereas routine inspections do not.
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We next explored how our findings might change if we conceptualize severity differently. To this
end, we considered not only the severity of the violations identified by inspectors but also their scope. On
one hand, our results might capture degradation in the type of violations occurring over time; on the other
hand, they might capture similar violations that affect a greater number of residents. Table 4b reports the
parameters of interest using two alternative dependent variables. In Panel A and Panel B, Models 1 and 2
use the full sample and Models 3 and 4 use the matched sample. We begin with Panel A, which reports
regressions of the 12-point scale (letter grades A–L) on our vector of independent variables. Consistent
with our earlier findings, Models 1 and 3 suggest that a religious affiliation has no significant main effect
on the scope/severity of the violations identified (respectively, b = .045, p = .292 and b = .024,
p = .600). We find that complaints are associated with more severe and more widespread violations. For
example, Model 1 shows that a complaint inspection multiplies the odds of identifying violations
classified as G or higher (i.e., actual harm) by 6.92% (=exp(1.934)). Models 2 and 4 incorporate our key
variable of interest: the interaction between a complaint inspection and a religious affiliation. Consistent
with our earlier results, we find a positive and significant effect for this interaction (respectively, b = .229,
p = .009 and b = .183, p = .042). In Model 2, for example, the predictive margins suggest that for
inspections triggered by complaints, the predicted probability of identifying violations that caused actual
harm to residents (G and above) is 2.20% if the home is secular and 2.30% if the home is RA. Overall,
these analyses suggest that more severe and more widespread violations are identified during complaint
inspections in RA homes compared with secular homes.
[[ INSERT TABLE 4b ABOUT HERE ]]
Panel B examines whether the violations identified during complaint inspections in RA homes
systematically affect a greater number of residents than those identified in secular homes. In Models 1
and 3, we see that a religious affiliation does not affect the scope of the violations identified (respectively,
b = .030, p = .539 and b = .042, p = .412). Inspections triggered by complaints identify violations that
affect a greater number of residents. For example, Model 1 shows that a complaint multiplies the odds of
identifying violations viewed as representing, at the very least, a pattern by 2.37% (=exp(0.862)). Models 2
and 4, however, reveal that the effect of complaint inspection on the scope of the violations identified
does not significantly differ between religious and secular homes (respectively, b = .150, p = .136 and
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b = .147 p = .153). We interpret these findings to mean that the “slippery slope” primarily consists of a
degradation of the type of violations rather than an expansion of the number of residents affected.
We next turn to the number of violations identified. Our negative binomial models are presented in
Table 5, with Models 1 through 3 showing results for the full sample and Models 4 through 6 showing
results for the matched sample. Model 1 suggests that RA homes have slightly more violations than their
secular peers (b = 0.053, p = .006). In Model 2, we add the Complaint variable and see that the effect of
religious affiliation remains significant (b = 0.050, p = .004). Interestingly, we also see a negative and
significant effect of Complaint on the number of violations identified: compared with routine inspections,
complaint inspections result in almost 1 fewer violation (b = −0.935, p = .000). It thus appears that
complaint inspections identify fewer but severer violations. This result could indicate that, during a
complaint-triggered visit, inspectors are especially focused on the violations reported by complainants and
perhaps less focused on identifying other violations. It could also emerge from the temporal nature of
accumulation of violations. Model 3 introduces a key variable of interest: the interaction between
Complaint and Religious is positive and significant (b = 0.109, p = .002), whereas the main effect of
Religious becomes statistically insignificant (see Appendix 8b for the predictive margins). This suggests
that complaint inspections identify 2.97 violations in RA homes but just 2.62 violations in secular ones.
[[ INSERT TABLE 5 ABOUT HERE ]]
We replicate these analyses using our matched sample. Our results are similar with regard to the
effect of Religious affiliation and Complaint (respectively b = 0.048, p = .014 in Model 4; b = −0.868, p
= .000 in Model 5). We also find a positive but insignificant interaction for Complaint × Religious
(b = 0.046, p = .200). The predictive margins suggest that during complaint inspections, 2.80 violations
are identified on average in RA homes but just 2.59 in secular homes. In sum, these results provide
tentative evidence of differences between RA and secular homes regarding the number of violations
identified, but the statistical significance and economic magnitude of the effect are limited.

6.2. Supplementary Analyses
6.2.1. Breakdown by Denomination
Our analysis thus far shows that RA homes experience fewer complaint inspections and that these
inspections register more severe violations than they do in secular homes. We proposed that attributes of
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the religion—such as specific authority relationships, procedures for handling conflict, or beliefs in
forgiveness, God, and an afterlife—may reduce the tendency of organization members to file complaints
with state regulators. Because there is some heterogeneity in these attributes across denominations, we
would expect different denominations to show different dynamics related to complaints and violations.
Therefore, we next turn to investigating heterogeneity in these effects across denominations.
Table 6 presents the results of analyses in which we replace the Religious variable with dummy
variables for each denomination, per the coding scheme described earlier (see also Appendix 5). In all
models, the reference category is secular homes. The survival model in the first column shows that
Catholic nursing homes are significantly less likely to experience complaint inspections: whatever the
hazard rate of a complaint at a particular time for secular homes, the hazard rate at the same time for
Catholic homes is only 0.86 times that value (non-exponentiated b = −0.151, p = .012). We observe a
similar direction in the effect (although at different magnitudes) for two other categories, Mainline
Protestant and Other. The hazard rate of a complaint inspection for Mainline Protestant homes is 0.87
times that of secular homes (non-exponentiated b = −0.138, p = .014), and it is 0.58 that of secular
homes for Other religious homes (non-exponentiated b = −0.555, p = .011).
[[ INSERT TABLE 6 ABOUT HERE ]]
As mentioned earlier, we suggest caution when interpreting these last two results: distinguishing
between Mainline and Evangelical Protestant is far from straightforward; we must also recognize the large
heterogeneity in affiliations grouped under the Other category. Another result worth mentioning is that
the coefficient for Multidenominational homes, whose religious identity is not homogeneous, is
positive—albeit not statistically significant (non-exponentiated b = 0.134, p = .317). In other words, it
seems that multidenominational homes (a category whose coding is straightforward) are just as likely as
secular homes to have a formal complaint filed against them with state regulators.
Next, we assess using generalized ordered logit models the severity of the violations identified by
inspectors. In Model 2, the interaction between Catholic affiliation and Complaint is positive and
significant. To facilitate interpretation of these results, we again compute the predictive margins. The
latter suggest that for inspections triggered by complaints, the predicted probability of identifying
violations that caused actual harm to residents (levels 3 and 4, G–L) is 14.68% if the home is Catholic and
9.21% if it is secular. Note that in routine inspections, the predicted probability of identifying such
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violations is 1.14% for a Catholic home and 1.79% for a secular home—a much smaller difference. We
also ran negative binomial models in which we regressed the number of violations identified in Catholic
homes. Column 3 shows that the Catholic × Complaint interaction is statistically significant. It suggests
that inspectors identify 2.87 violations in Catholic homes during inspections triggered by complaints but
2.62 violations in secular homes. Models 4 and 5 point to similar dynamics when considering homes
affiliated with Mainline Protestant denominations. In complaint-based inspections, Model 4 shows that
the predicted probability of identifying violations that caused actual harm is 14.11% for Mainline
Protestant homes but 9.21% for secular homes. We can also see that the number of violations identified
by inspectors following a complaint is 2.94 for homes affiliated with Mainline Protestant denominations
and 2.62 for secular homes (Model 5). By contrast, Models 6 and 7 reveal insignificant results for the
Others category; these are thus less straightforward to interpret (see also Appendix 5).
While we advise caution in interpreting these results, these analyses offer evidence that is consistent
with our theory. One would expect variance across religions (and even across denominations) in their
structure, culture, authority relationships, and norms; one would therefore expect differences in the
relationship between religious affiliation, complaints, and violations. This is precisely what we find.

6.2.2. Secular Conflict-Resolution Mechanisms
One possible explanation for the longer spells between complaints in RA homes is that these homes have
internal mechanisms for resolving issues that would have otherwise led to formal complaints. Note that
this explanation does not explain why complaint inspections find more severe violations in RA homes.
Further, we do not see this possibility as incompatible with our proposed mechanism: complaints brought
to internal authorities are contained such that “relatively few cases become a matter of public record”
(Bromley 1998, p. 147). Yet, to investigate this possibility, we collected CMS data on whether the care
home has an institutionalized voluntary group aimed at facilitating communication and discussion of
resident problems—these are called “family councils” and “residents councils.” We created a categorical
variable capturing whether the home (1) has no such council (2.46%), (2) has a family council only
(0.25%), (3) has a resident council only (68.97%), or (4) has both a family and a resident council (28.31%).
Resident councils are run by residents; family councils are run by family members. These councils might
either represent directly, or otherwise correlate with, internal conflict-resolution mechanisms in a care
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home, but mechanisms that are not based on religious affiliation. If RA homes experience fewer
complaints because they have religious mechanisms for conflict resolution, the difference between RA
and secular care homes should be partially explained by controlling for the existence of such resident
and/or family councils. Note that these councils exist in both RA and secular care homes.
We included this additional control variable in our analyses; results are displayed in Table 7. The first
column is a survival analysis that suggests that compared with homes with no council, having either a
resident council or both types of councils significantly increases the hazard of a complaint inspection.
Whatever the hazard rate of a complaint at a particular time for homes with no council, the hazard rate at
the same time for homes with a resident council or with both resident and family councils is 1.19 times
that value (non-exponentiated b = 0.174, p = .005; b = 0,172 p = .014). We note a lack of statistically
significant effect for Family council—perhaps due to their small number. Importantly, column (1) shows
that the effect of a religious affiliation on the hazard of receiving a complaint inspection is unchanged:
RA homes have a hazard rate 0.88 times that of secular ones (non-exponentiated b = −0.130, p = .021).
[[ INSERT TABLE 7 ABOUT HERE ]]
Column (2) looks at the severity of the violations identified. Again, the generalized ordered model
shows that the interaction Religious × Complaint has a positive and significant effect on severity
(b = 0.430, p = .000). Column (3), a negative binomial model predicting the number of violations, also
indicates a positive and significant interaction between Religious and Complaint, even after controlling
for resident and/or family councils (b = 0.108, p = .002). The observation that internal conflictresolution mechanisms act in the same direction as a religious affiliation but do not explain away its effect
lends support to the idea that a religious affiliation acts as an internal mechanism to quell complaints.

6.2.3. Inspector Bias
Perhaps the most salient concern in our analysis is that social control agents—in our case state
inspectors—may be biased toward (or against) RA care homes, thereby registering fewer (more) or less
severe (worse) violations. Multiple mechanisms can lead to such bias; inspectors could have an affinity for
a religion or denomination; they could have a history of inspecting a specific care home and this
familiarity breeds dyadic favoritism (Appendix 3b illustrates where inspector biases can enter the datagenerating process). Our research design partially alleviates the former concern (see Appendix 3b). For
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generalized dyadic favoritism, if an inspector is inclined to be more lenient toward a RA care home, we
should not expect this leniency to depend on whether the inspection was triggered by a complaint or not.
Recall that in all our models, RA organizations performed worse in inspections triggered by complaints
but similar to secular homes during routine inspections. If the difference in the recorded violation
performance was due to lenient inspectors (consciously or implicitly) “overlooking” violations in RA
homes during routine inspections, we would have expected to see at least some residual differences for
this bias during routine inspections.
However, one might still worry that if RA homes are better able to form relationships with
inspectors, dyadic favoritism may positively bias the results of their routine inspections (but for some
reason, not of their complaint inspections). We ran an additional test for such dyadic favoritism using a
property of our data that exogenously varies the baseline likelihood of repeated interactions across
different state agencies. In some U.S. states there are only a few inspectors and a small number of care
homes. In Delaware (population 1m, sized 5,133km2), for example, there are only 46 CMS-regulated
nursing homes and a handful of state inspectors. In such states, it is likely that the same inspectors visit a
care home repeatedly. By contrast, California (population 40m, sized 423,970 km2) has 1,219 CMSregulated care homes and, during the time our data was collected, employed between 500 and 600
inspectors. The likelihood that a specific inspector repeatedly visits the same care home is significantly
lower in California than in Delaware. We thus conducted subsample analyses focusing on U.S. states with
high numbers of care homes and inspectors (where repeat dyadic interactions are least likely) and on
states with low numbers of inspectors and homes (where repeat dyadic interactions are most likely).
The results of the subsample analyses are reported in Tables 8a (New York, Florida, and California)
and 8b (Rhode Island, Delaware, and Connecticut). In states where there are many homes and many
inspectors (and where dyadic favoritism is least likely), the coefficient on Religious home remains
negative and significant in the survival model (column 1). This suggests that, even in these states, RA
homes experience a lower risk of complaint-triggered visits (non-exponentiated b = -0.464, p = .000).
The interaction Religious × Complaint is positive and significant in the generalized ordered logit model
(b = 1.153, p = .003), which predicts the severity of the violations identified (column 2). As for the
number of violations identified (Model 3), the interaction term Religious × Complaint is also positive and
statistically significant (b = 0.276, p = .011). Perhaps unsurprisingly, results are also significant and in the
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expected direction in the models focusing on Rhode Island, Delaware, and Connecticut (where dyadic
favoritism is most likely)—except for Model 3, which predicts the number of violations identified.
Overall, these results are consistent with our main findings—even in states where dyadic favoritism is
least likely to occur, religious affiliation seems to reduce the risk of complaints, and RA homes have more
and worse violations during complaint inspections.
[[ INSERT TABLES 8a and 8b ABOUT HERE ]]
One might also worry that, perhaps because of religious bias, inspectors are targeting RA homes
during complaint inspections (but not during routine inspections), resulting in relatively worse outcomes
for these homes. It is unclear why such religious bias would operate exclusively in one type of inspection,
yet we wanted to investigate this possibility. To do so, we collected 2010 census data and computed a
county-level measure of religious homogeneity.21 Specifically, we examined whether our results continue
to hold for inspections conducted in counties where religious homogeneity is particularly strong (top
decile). In such counties, the likelihood that an inspector and a home manager shared the same faith is
presumably higher, which should reduce the odds of religious targeting against RA homes. The results are
reported in Table 9; again, they remain consistent with those we presented in the main analyses. In these
counties, the hazard of facing a complaint is much lower for RA homes than it is in secular ones (nonexponentiated b = -0.236, p = .009). The violations identified during complaint-based inspections are
significantly more severe (b = 0.618, p = .028) and more numerous (b = 0.172, p = .049) in RA homes
than in secular ones. Overall, this further strengthens our confidence that inspector bias in the form of
religious favoritism (or targeting) is unlikely to explain our results.
[[ INSERT TABLE 9 ABOUT HERE ]]

7. Discussion and Conclusions
7.1. Key Contributions
In the United States, religiously affiliated healthcare providers have unique privileges, including the ability
to discriminate in hiring. Many of these privileges are premised on the assumption that these
organizations are more effective at and compassionate in delivering services to vulnerable populations.
However, both casual observation and evidence from research suggest that a religious affiliation hardly
guarantees the absence of wrongdoing (Gibelman and Gelman 2004, Bielefeld and Cleveland 2013b). We
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explore the rates and severity of wrongdoing in religious and secular organizations using unique data on
the outcomes of state inspections—some triggered by regulatory requirements and some by complaints.
This provides a useful setting to investigate a question of theoretical importance to research on
wrongdoing in organizations: how observed samples of wrongdoing can be influenced by selection
processes that happen inside the organization (cf. Stroube 2020). In our setting, this is manifested in the
extent to which individuals in religious versus secular organizations are willing to expose wrongdoing to
social control agents who then scrutinize their organization. We find that wrongdoing in RA
organizations is adversely impacted by the complaint behavior of their members; complaints are less likely
to be filed against RA homes than secular homes, leading to relatively longer spells between inspections
(i.e., monitoring by state regulators) and worse violations being identified once inspections occur.
The influence of detection and labeling processes on the production of wrongdoing was a central
idea in early work on deviance (e.g., Becker 1963), yet it has been largely absent from the contemporary
literature on organizational wrongdoing (some exceptions include Mohliver 2019, on ambiguity in the
labeling of stock-option backdating; chapter 11 in Palmer 2012, on detection by social control agents;
Stroube 2020, on allegations in police misconduct; and Zhang, Mohliver and King 2021, on liminal
prescribing practices of physicians in the opioid epidemic). This is surprising, particularly since theories
incorporating detection (but not labeling) by social control agents have gained in popularity over the last
two decades (Greve et al. 2010). By showing how different rates of complaints in RA and secular
organizations may influence the underlying number and severity of violations in these homes, we draw
attention to the importance of interorganizational detection and selection—not as statistical concerns but
as theoretical mechanisms that can shape the behavior of wrongdoers.
In studying RA care homes, this paper also contributes to a small but growing literature on religion in
organizations (see, e.g., Filistrucchi and Prüfer 2018). Prior work suggests that religion has far-reaching
societal implications (e.g., King and Haveman 2008), affecting a variety of economically important
behaviors such as criminal activity, drug and alcohol consumption, and physical and mental health as well
as marriage, fertility, and divorce. Nearly half of adult Americans say that religion is “very important” in
their life (Newport 2016), and a growing number of businesses promote themselves as faith-based
(Tracey 2012): Chick-fil-A restaurants are closed on Sunday and invoke Christian principles in their
mission statement; JetBlue Airways—whose founder claims that his faith shapes how he does business—

31

relocated their reservation services to Salt Lake City; Forever 21 conveys born-again Christian values on
their shopping bags; and Corporate Chaplains of America is in the booming business of placing chaplains
in companies at the request of CEOs and owners (The Economist 2007). Consequently, understanding
whether and how these organizations behave has profound practical implications.
In the debate over how religion affects organizational outcomes (e.g., Odom and Boxx 1988), our
results suggest that there is some heterogeneity in complaints and wrongdoing between denominations. A
likely interpretation of this is that attributes of religious organizing, instead of a belief in God, play a role
in reporting and, in turn, producing wrongdoing. For religious groups, studies suggest that measures of
involvement or commitment—including beliefs, attendance, and contributions—are correlated with a
denomination’s overall level of strictness (Iannaccone 1998). From this viewpoint, the growing intensity
of American religion (Schnabel and Bock 2017) raises interesting questions: with the decline of
“moderate” religion and the growing share of religionists who self-identify as intensely religious (i.e.,
strong affiliation, frequent religious practice, and biblical literalism), a darker side of social control may
become more prevalent in RA organizations. This is an open empirical question that merits further study.
Our findings also speak to research on organizational control, which has received relatively little
attention in recent years (Sitkin et al. 2010). Organizational scholars have identified various forms of
control: the personal and authoritarian control of workers by company owners, technological forms of
control, and bureaucratic control—a form most prevalent in modern organizations (Weber 1978). This
paper describes a subtler, less direct way of controlling organizational members through identity- and/or
peer-based mechanisms. In line with the notion of “concertive control,” our results indicate that religion
can extend the consensus on values, high-level coordination, and self-management well beyond small
work teams (Barker 1993). Future work may consider whether similar dynamics occur in different
organizations that likewise employ strong social control, like the police (Stroube 2020) or the military.22
Finally, this paper should be of interest to policymakers, who have increasingly emphasized the role
of patients’ voice in enforcing quality standards in healthcare organizations. Complaints have become a
crucial mechanism by which members have recourse against their care organization’s quality-related
deficiencies (for a comprehensive review, see Sawicki 2015). This holds especially for nursing homes in
which voice is a more practical option—for both residents and their families—than exit. “Having the
opportunity to bring their concerns to regulatory authorities or air them in the public sphere is an
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essential mechanism for patients and advocates” (Sawicki 2015, p. 3). We argue that routine inspections
still play a role in maintaining quality standards in healthcare organizations. After all, if some individuals
are systematically less likely to complain, then—absent the continuation of unannounced routine
inspections—the regulator’s ability to enforce minimal standards of care could be compromised.

7.2. Limitations
Like any archival study, ours is not without limitations. First, like previous studies on wrongdoing, we
cannot observe the true rate of violations. Appendix 3a and 3b outlines multiple possible sources of bias
for our samples of wrongdoing. We address some in the paper (e.g., different types of inspector bias and
internal conflict-resolution mechanisms), but others cannot be addressed using our data. For example, if
some state inspection agencies in our sample systematically discourage complaints against RA homes, we
would not be able to account for this in our analyses.
A second limitation of our study is that religious affiliation is not assigned at random, leaving open
the possibility that an omitted variable we did not consider affects our results. Care homes choose to be
secular or RA, a choice that reflects preferences of owners and characteristics of the homes. A prime
candidate for an omitted variable is strain, one of the most common explanations for a wide range of
wrongdoing, including elder neglect and abuse (Goergen and Beaulieu 2010, pp. 196–197). This literature
suggests that we need to control for institution-specific characteristics that might affect strain experienced
by caregivers. Our models control for strain-related variables (facility size, occupancy rate, distance to
competitors, and resident characteristics), but this may not suffice. While this would not explain why
residents are less likely to complaint in RA homes, there could be unobserved, systematic differences
between RA and secular care homes in terms of perceived strain, and thus with our main variable of
interest: wrongdoing. We try to address this by matching institutions on observable characteristics, a
method that reduces the sample to observationally similar homes and that should capture unobserved
differences. This approach minimizes unobserved spurious correlations, but it might not eliminate them.
A third limitation is that we do not assign inspectors to care homes randomly; nor do we have data
about the inspectors themselves. Our interviews, conducted only in one state (Connecticut, as others
were interrupted by the COVID-19 crisis), suggest that inspectors do not self-select and that the
inspection process does not change depending on the trigger. If the situation differs in other U.S. states,
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to the extent that inspectors have biases in writing reports, and that these inspectors can also influence
which care homes they inspect, reports may be systematically biased. We note, though, that this would be
a source of bias if inspectors are more disposed to inspect religious care homes facing a complaint than a
routine scheduled inspection. For example, an inspector responding to a complaint in a RA home might
view the situation more severely than a complaint in a secular care home and thus inspect with greater
scrutiny and identify violations they would not have identified in the same care home if the inspection
was routine, or in a secular care home when inspections are triggered by complaints. This type of bias—
one that results from attribution that inspectors make about complaining in RA versus secular homes—
cannot be addressed with the data we have collected. Nevertheless, we believe the paper represents a first
step in addressing a serious empirical problem as well as an overlooked theoretical question in the
literature on organizational wrongdoing.
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Figures / Tables / Appendices
Figure 1. Density Plots—Severity and Number of Violations in RA and Secular Care Homes (2010–
2015)
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Figure 2. Kaplan-Meier Survival Estimates of Complaints (in Days)

Figure 3. The “12-Point Scale” of Severity and Scope of Violations

Source: U.S. Department of Health & Human Services, Office of Inspector (A-09-18-02010; April 2019).
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Table 1. Balance Tables

1
2
3
4
5
6
7
8
9
10
11
12
13

Variables
Complaint
Severity of violations
Number of violations
Days to inspection
Severity (lagged)
Follow-up inspection
Quality rating
For profit
Number residents (log)
Occupancy rate
Distance to competitor
% Medicaid residents
% white residents

Full sample
Secular
Religious
Mean SD
Mean SD
0.43
0.50
0.32
0.46
1.98
0.55
1.94
0.60
4.85
4.86
4.54
4.24
234.96 161.08 276.07 157.46
1.97
0.56
1.92
0.61
0.45
0.50
0.32
0.47
3.46
0.94
3.53
0.92
0.77
0.42
0.00
0.00
4.41
0.58
4.36
0.63
82.26 14.63 86.57 14.48
8.09 33.78
7.54 15.67
62.65 20.93 48.36 21.33
80.77 22.38 93.20 13.59

Difference
0.12
0.04
0.31
-41.12
0.05
0.12
-0.06
0.77
0.05
-4.32
0.56
14.30
-12.44

CEM sample
Secular
Religious
Mean SD
Mean SD
0.41
0.49
0.32
0.47
1.97
0.56
1.94
0.60
4.67
4.62
4.51
4.21
244.85 161.67 275.28 157.55
1.96
0.57
1.92
0.62
0.42
0.49
0.33
0.47
3.42
0.93
3.52
0.92
0.74
0.44
0.00
0.00
4.33
0.52
4.36
0.61
82.58 14.26 86.66 14.41
8.72 32.06
7.62 15.81
57.60 20.10 48.64 21.12
92.84 11.56 93.89 11.74

Difference
0.09
0.03
0.16
-30.43
0.03
0.09
-0.10
0.74
-0.02
-4.08
1.10
8.96
-1.05

Table 2. Descriptive Statistics and Correlations (Full Sample)
Mean
0.43
0.04
1.98
4.84
236.46
1.97
0.44
3.47
0.75
4.41

SD
0.49
0.19
0.55
4.84
161.14
0.56
0.50
0.94
0.44
0.58

-0.0449*
0.2111*
-0.4047*
-0.4515*
0.0663*
0.0681*
-0.0410*
0.1184*
0.1467*

-0.0143*
-0.0122* 0.0678*
0.0479* -0.1537* 0.1278*
-0.0157* 0.0905* 0.0468* -0.1833*
-0.0456* 0.0487* 0.1085* -0.5297*
0.0127* -0.0505* -0.0165* 0.0579*
-0.3372* 0.0356* 0.0289* -0.1408*
-0.0169* 0.0745* -0.0174* -0.1741*

0.2725*
-0.0543* -0.0524*
0.0388* 0.1173*
0.0809* 0.1494*

11 Occupancy rate
12 Distance to competitor
13 % Medicaid residents

82.42
8.07
62.13

14.65
33.29
21.11

-0.0376* 0.0556* -0.0136* -0.0408* 0.0584*
-0.0253* -0.0031 -0.0034
0.0097 0.0252*
0.0828* -0.1277* 0.0560* 0.0647* -0.1116*

-0.0150* -0.0403*
-0.0038 -0.0281*
0.0589* 0.0860*

14 % White residents

81.19

22.25

-0.0767*
8

-0.0114* -0.0762*
13

1
2
3
4
5
6
7
8
9
10

Variables
Complaint inspection
Religious home
Severity of violations
Number of violations
Days to inspection
Severity (lagged)
Follow-up inspection
Quality rating
For profit
Number residents

1

2

3

0.1017* -0.0096
9
10

4

5

-0.0525*
11

0.0892*
12

-0.0487* -0.0879* -0.0306*
0.2074* 0.2849* 0.0906*

0.0296*

9 For profit
10 Number residents
11 Occupancy rate

-0.0130*
0.0343* 0.0996*
0.0857* -0.0988*

12 Distance to competitor
13 % Medicaid residents

-0.0047
-0.0066

14 % White residents

-0.1597* -0.1836* -0.2449* -0.0049

6

7

0.3260*

0.0533*

-0.3371*
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Table 3. Survival Analyses Predicting Complaint Inspection: Non-proportional Weibull Models

Religious home
Lagged severity*
Follow-up inspection
Quality rating
For profit
Number residents
Occupancy rate*
Distance to competitor*
% Medicaid residents
% White residents
Constant
Log Likelihood
N

(1)
Full sample

(2)
CEM sample

-0.136***
(0.036)
0.119***
(0.010)
0.446***
(0.012)
-0.107***
(0.006)
0.288***
(0.016)
0.574***
(0.013)
-0.045***
(0.006)
0.007***
(0.001)
0.003***
(0.000)
-0.002***
(0.000)
-26.575***
(0.523)
12,355.26
69,737

-0.114**
(0.038)
0.028
(0.126)
0.412***
(0.016)
-0.135***
(0.009)
0.279***
(0.021)
0.548***
(0.020)
-0.042***
(0.008)
-0.000
(0.000)
0.004***
(0.001)
-0.005***
(0.001)
-26.437***
(0.801)
4,692.23
38,206

+ p<0.1; * p<0.05; ** p<0.01; *** p<0.001. Two-tailed significance tests. Standard errors in parentheses.
All models include state, year, and month dummies.
* Non proportional variables.
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Table 4a. Generalized Ordered Logit Models Predicting Violation Severity by Inspection Trigger
Severity
0 Religious home*
Complaint

(1)
0.059
(0.063)

Religious x Complaint*
Constant
1 Complaint
Constant
2 Complaint
Constant
3 Complaint
Constant
Log Likelihood
Wald test**
N

4.220***
(0.305)

(2)
Full sample
0.051
(0.064)
0.982***
(0.072)

-4.498***
(0.305)
-41,507.21

3.617***
(0.309)
0.662***
(0.037)
1.822***
(0.307)
1.910***
(0.044)
-4.745***
(0.309)
1.976***
(0.089)
-6.297***
(0.320)
-39,714.22

70,635

70,635

2.305***
(0.303)
-3.015***
(0.303)

(3)
-0.146+
(0.083)
0.969***
(0.072)
0.412***
(0.115)
3.633***
(0.309)
0.649***
(0.037)
1.838***
(0.307)
1.896***
(0.044)
-4.727***
(0.309)
1.961***
(0.089)
-6.278***
(0.321)
-39,707.97
0.0000
70,635

(4)
0.052
(0.065)

4.389***
(0.394)

(5)
CEM sample
0.042
(0.066)
0.880***
(0.088)

-4.316***
(0.395)
-23,313.79

3.743***
(0.398)
0.669***
(0.050)
2.016***
(0.395)
1.942***
(0.057)
-4.536***
(0.397)
2.109***
(0.130)
-6.313***
(0.418)
-22,257.32

38,863

38,863

2.584***
(0.391)
-2.711***
(0.391)

(6)
-0.110
(0.086)
0.863***
(0.088)
0.315**
(0.118)
3.765***
(0.398)
0.652***
(0.050)
2.037***
(0.395)
1.923***
(0.057)
-4.512***
(0.398)
2.090***
(0.130)
-6.289***
(0.418)
-22,253.79
0.0000
38,863

+ p<0.1; * p<0.05; ** p<0.01; *** p<0.001. Two-tailed tests. Standard errors in parentheses.
All models include state, month, and year dummies as well as the following controls: Days to Inspection, Lagged
severity, Follow-up inspections, Quality rating, For profit, Number residents, Occupancy rate, Distance to competitor,
% Medicaid residents, % White residents.
* Variables meet the parallel lines assumption; ** Wald test: Complaint + Religious x Complaint = 0.
Note: There is no single "base" category (Williams 2005). The models are akin to a series of logistic regressions. Our
dependent variable has 5 categories. In the 1st panel, it is like a logistic regression where category 0 = 0 and categories 1,
2, 3, 4 = 1. In the 2nd panel, it is 0 & 1 = 0 and 2, 3, 4 = 1. 3rd panel, 0, 1, 2 = 0 and 3, 4 = 1. 4th panel, 0, 1, 2, 3 = 0
and 4 = 1. For further details about the interpretation of these models, see
https://www3.nd.edu/~rwilliam/gologit2/tsfaq.html
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Table 4b. Generalized Ordered Logit Models Predicting Scope/Severity and Scope by Inspection
Trigger
PANEL A - Dependent variable: 12-point scale for scope/severity
(1)
(2)
(3)
(4)
Full sample
CEM sample
Church*
0.045
-0.036
0.024
-0.041
(0.045)
(0.055)
(0.048)
(0.058)
Complaint
1.934***
1.927***
3.495***
3.484***
(0.078)
(0.078)
(0.450)
(0.229)
Church x Complaint*
0.229***
0.183*
(0.088)
(0.090)
-87,609.97
-87,606.60
-47,913.27
-47,911.17
Log Likelihood
Wald test**
0.0000
0.0000
N
70,635
70,635
38,863
38,863
PANEL B - Dependent variable: 3-point scale for scope
(1)

(2)

Full sample
Church*
Complaint

0.030
(0.049)
0.862***
(0.041)

Church x Complaint*
Log Likelihood
Wald test**
N

-61,674.11
70,635

(3)

(4)

CEM sample
0.074
(0.057)
0.867***
(0.041)
0.150
(0.100)
-61,672.99
0.0000
70,635

0.042
(0.051)
0.944***
(0.054)
-34,209.14
38,863

0.084
(0.059)
0.953***
(0.055)
0.147
(0.103)
-34,209.11
0.0000
38,863

+ p<0.1; * p<0.05; ** p<0.01; *** p<0.001. Two-tailed tests. Standard errors in parentheses.
All models include state, month, and year dummies as well as the following controls: Days to Inspection, Lagged severity/scope, Follow-up
inspections, Quality rating, For profit, Number residents, % Medicaid residents, % White residents, Occupancy rate, Distance to competitor.
* Variables meet the parallel lines assumption; ** Wald test: Complaint + Religious x Complaint = 0.

NOTE: For Panel A, the results presented here correspond to the 3rd panel, where category 0, 1, 2 = 0 and 3, 4 = 1 (i.e., letter
grade “G”, for “actual harm”, or worse).
For Panel B, the results presented here correspond to the 1st panel, where category 0, 1 = 0 and 2, 3 = 1 (i.e., more than
“isolated” incident).
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Table 5. Negative Binomial Models Predicting the Number of Violations by Inspection Trigger

Religious homes
Complaint

(1)

(2)

0.053**
(0.019)

Full sample
0.050**
(0.017)
-0.935***
(0.007)

0.002***
(0.000)
0.037***
(0.006)
0.623***
(0.008)
-0.027***
(0.004)
0.068***
(0.009)
-0.025***
(0.007)
-0.002***
(0.000)
-0.000
(0.000)
0.002***
(0.000)
-0.002***
(0.000)
0.729***
(0.060)
-0.706***
(0.008)
-180,391.5

0.001***
(0.000)
0.048***
(0.006)
0.296***
(0.008)
-0.040***
(0.003)
0.105***
(0.008)
0.065***
(0.007)
-0.003***
(0.000)
-0.000*
(0.000)
0.003***
(0.000)
-0.002***
(0.000)
1.294***
(0.055)
-1.062***
(0.009)
-170,329.8

70,635

70,635

Religious x Complaint*
Days to inspection
Lagged severity
Follow-up inspections
Quality rating
For profit
Number residents
Occupancy rate
Distance to competitor
% Medicaid residents
% White residents
Constant
Lnalpha
Log Likelihood
Wald test**
N

(3)
0.017
(0.020)
-0.938***
(0.007)
0.109**
(0.035)
0.001***
(0.000)
0.048***
(0.006)
0.296***
(0.008)
-0.040***
(0.003)
0.105***
(0.008)
0.064***
(0.007)
-0.003***
(0.000)
-0.000*
(0.000)
0.003***
(0.000)
-0.002***
(0.000)
1.297***
(0.055)
-1.062***
(0.009)
-170,325.1
0.0000
70,635

(4)
0.048*
(0.020)

(5)
CEM sample
0.047*
(0.018)
-0.868***
(0.009)

0.002***
(0.000)
0.033***
(0.008)
0.602***
(0.011)
-0.031***
(0.005)
0.051***
(0.011)
-0.030**
(0.011)
-0.002***
(0.000)
-0.000
(0.000)
0.003***
(0.000)
-0.002***
(0.000)
0.884***
(0.091)
-0.776***
(0.011)
-97, 789.2

0.001***
(0.000)
0.039***
(0.007)
0.296***
(0.011)
-0.047***
(0.005)
0.082***
(0.010)
0.053***
(0.010)
-0.003***
(0.000)
-0.000
(0.000)
0.003***
(0.000)
-0.003***
(0.000)
1.383***
(0.085)
-1.094***
(0.012)
-92,810.5

38,863

38,863

(6)
0.033
(0.021)
-0.870***
(0.010)
0.046
(0.036)
0.001***
(0.000)
0.039***
(0.007)
0.296***
(0.011)
-0.047***
(0.005)
0.083***
(0.010)
0.053***
(0.010)
-0.003***
(0.000)
-0.000
(0.000)
0.003***
(0.000)
-0.003***
(0.000)
1.385***
(0.085)
-1.094***
(0.012)
-92,809.7
0.0000
38,863

+ p<0.1; * p<0.05; ** p<0.01; *** p<0.001. Two-tailed significance tests. Standard errors in parentheses.
All models include state, month, and year dummies.
* Default category is random inspection in secular home. ** Wald test: Complaint + Religious x Complaint = 0
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Table 6. Supplementary Analyses—Religious Denominations

Catholic
Christian
Evangelical prot.
Mainline prot.
Multidenomin.
Not listed
Other
Complaint*

(1)
Survival model

(2)
Gen. ordered
logit

(3)
Negative
binomial

(4)
Gen. ordered
logit

(5)
Negative
binomial

(6)
Gen. ordered
logit

(7)
Negative
binomial

-0.151*
(0.060)
-0.020
(0.059)
-0.006
(0.061)
-0.138*
(0.056)
0.134
(0.134)
-0.011
(0.048)
-0.555*
(0.219)

-0.461***
(0.122)
-0.112
(0.102)
0.070
(0.114)
-0.087
(0.096)
-0.425+
(0.221)
-0.316***
(0.083)
-0.506
(0.309)
0.978***
(0.072)
0.629**
(0.188)

-0.065*
(0.032)
-0.022
(0.028)
0.020
(0.031)
0.027
(0.027)
0.061
(0.059)
-0.043+
(0.023)
-0.015
(0.084)
-0.937***
(0.007)
0.151*
(0.060)

-0.210*
(0.102)
-0.112
(0.102)
0.070
(0.114)
-0.316**
(0.120)
-0.424+
(0.221)
-0.316***
(0.083)
-0.506
(0.309)
0.979***
(0.072)

-0.024
(0.028)
-0.022
(0.028)
0.020
(0.031)
-0.007
(0.031)
0.061
(0.059)
-0.043+
(0.023)
-0.015
(0.084)
-0.937***
(0.007)

-0.209*
(0.101)
-0.112
(0.102)
0.069
(0.114)
-0.087
(0.096)
-0.424+
(0.220)
-0.315***
(0.083)
-0.375
(0.366)
0.986***
(0.072)

-0.024
(0.028)
-0.022
(0.028)
0.020
(0.031)
0.027
(0.027)
0.061
(0.059)
-0.043+
(0.023)
-0.031
(0.092)
-0.936***
(0.007)

0.516**
(0.176)

0.118*
(0.056)

-39,575.95
70,406

1.306***
(0.056)
-1.062***
(0.009)
-169,74.61
70,406

-0.521
(0.717)

0.089
(0.216)
1.304***
(0.056)
-1.062***
(0.009)
-169,76.72
70,406

Cath. x Complaint
Main. x Complaint
Other x Complaint
Constant
Lnalpha
Log Likelihood
N

-27.011***
(0.551)
11,742.301
71,177

-39,574.77
70,406

1.306***
(0.056)
-1.062***
(0.009)
-169,773.61
70,406

-39,579.86
70,406

+ p<0.1; * p<0.05; ** p<0.01; *** p<0.001. Two-tailed significance tests. Standard errors in parentheses.
All models include state, month, and year dummies, as well as the following controls: Days to inspection (except Model 1), Lagged severity, Follow-up inspections, Quality rating, For
profit, Number residents, % Medicaid residents, % White residents, Occupancy rate, Distance to competitor.
* Variable does not meet the parallel lines assumption; ** Wald test: Complaint + affiliation x Complaint = 0.
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Table 7. Supplementary Analyses—Secular Conflict-Resolution Mechanisms

Religious
Resident and family council
Family council only
Resident council only
Complaint

(1)
Survival
model

(2)
Generalized
ordered logit

(3)
Negative
binomial

-0.130*
(0.056)
0.172*
(0.070)
-0.391
(0.313)
0.174**
(0.062)

-28.765***
(1.035)

-0.155+
(0.083)
0.031
(0.084)
-0.271
(0.244)
0.058
(0.082)
1.465***
(0.068)
0.430***
(0.115)
-

11,635.34
71,410

0.0000
-39,936,10
70,635

0.016
(0.020)
0.064**
(0.023)
-0.125+
(0.070)
0.062**
(0.023)
-0.938***
(0.007)
0.108**
(0.035)
1.257***
(0.057)
-1.062***
(0.009)
0.0000
-170,317.35
70,635

Religious x Complaint
Constant
Lnalpha
Wald test*
Log Likelihood
N

+ p<0.1; * p<0.05; ** p<0.01; *** p<0.001. Two-tailed significance tests. Standard errors in parentheses.
All models include state, month, and year dummies as well as the following controls: Days to inspection (except Model 1), Lagged severity,
Follow-up inspections, Quality rating, For profit, Number residents, % Medicaid residents, % White residents, Occupancy rate, Distance to
competitor.
*Wald test: Complaint + Religious x Complaint = 0

Table 8a. Subsample analyses—New York, Florida, and California

Religious
Complaint

(1)
Survival
model
-0.464***
(0.065)

(2)
Generalized
ordered logit

(3)
Negative
binomial

-31.465***
(4.948)

-0.308
(0.234)
0.643+
(0.381)
1.153**
(0.384)

-

-0.062
(0.049)
-1.405***
(0.018)
0.276*
(0.108)
1.797***
(0.114)
-1.354***
(0.024)

Religious x Complaint
Constant
Lnalpha
Wald test*
Log Likelihood
N

3,090.37
11,662

0.0008

-5,365.91

11,662

0.0000

-26,910.00

11,662

+ p<0.1; * p<0.05; ** p<0.01; *** p<0.001. Two-tailed significance tests. Standard errors in parentheses.
All models include state, month, and year dummies as well as the following controls: Days to inspection (except Model 1), Lagged severity, Follow-up
inspections, Quality rating, For profit, Number residents, % Medicaid residents, % White residents, Occupancy rate, Distance to competitor.
* Wald test: Complaint + Religious x Complaint = 0.
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Table 8b. Subsample Analyses—Rhode Island, Delaware, and Connecticut

(1)
Survival
model
-0.292*
(0.146)

Religious
Complaint

-28.970***
(1.038)

(2)
Generalized
ordered logit
-0.478
(0.405)
0.649***
(0.227)
1.472*
(0.717)
-

186.74
1,564

0.0043
-1,482.61
1,538

Religious x Complaint
Constant
Lnalpha
Wald test*
Log Likelihood
N

(3)
Negative
binomial
-0.324
(0.215)
-0.794***
(0.049)
0.454
(0.292)
1.261***
(0.416)
-1.200***
(0.073)
0.2397
-2,784.23
1,538

+ p<0.1; * p<0.05; ** p<0.01; *** p<0.001. Two-tailed significance tests. Standard errors in parentheses.
All models include state, month, and year dummies as well as the following controls: Days to inspection (except Model 1), Lagged severity, Follow-up
inspections, Quality rating, For profit, Number residents, % Medicaid residents, % White residents, Occupancy rate, Distance to competitor.
* Wald test: Complaint + Religious x Complaint = 0.

Table 9. Subsample Analyses—U.S. Counties with Greatest Religious Homogeneity (Top Decile)

Religious
Complaint

(1) Survival
model
-0.236**
(0.091)

(3) Negative
binomial

-32.372***
(1.160)

(2) Generalized
ordered logit
-0.140
(0.206)
0.727***
(0.154)
0.618*
(0.281)
-

3,096.32
13,930

0.0000
-7,488.28
14,047

0.0000

Religious x Complaint
Constant
Lnalpha
Wald test*
Log Likelihood
N

-0.050
(0.049)
-1.016***
(0.015)
0.172*
(0.087)
1.320***
(0.166)
-1.115***
(0.020)
-33,875.23

14,047

+ p<0.1; * p<0.05; ** p<0.01; *** p<0.001. Two-tailed significance tests. Standard errors in parentheses.
All models include state, month, and year dummies as well as the following controls: Days to inspection (except Model 1), Lagged severity, Follow-up
inspections, Quality rating, For profit, Number residents, % Medicaid residents, % White residents, Occupancy rate, Distance to competitor.
* Wald test: Complaint + Religious x Complaint = 0
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handling
Sections 1819(g)(4)(a) and 1819(g)(5)(a) of the Social Security Act require each State to investigate
and report on the nursing home complaints they receive. CMS’s State Operations Manual (SOM)
outlines the process that State survey agencies (SA) must follow when managing complaint
investigations. As part of the agreements with CMS under which State SA operate, SOM
requirements are contractually binding on Medicare-certified and Medicare-Medicaid certified nursing
homes.
The State SA ensures that its complaint telephone number is listed in local directories. Information
regarding the care, treatment and services provided to beneficiaries can come from a variety of
sources, including beneficiaries themselves, beneficiaries’ family members, health care providers,
concerned citizens, public agencies, or media reports. Report sources may be verbal or written. In
some instances, the complainant may request anonymity. The SA and CMS regional office (RO)
ensure the privacy and anonymity of every complainant. […] The SA discloses the complainant’s
identity only to those individuals with a need to know who are acting in an official capacity to
investigate the complaint.
Upon receiving a complaint, a qualified professional must prioritize each complaint: complaints
alleging immediate jeopardy must be investigated onsite within 2 working days of receipt, complaints
alleging actual harm must be investigated within 10 working days of receipt, and less serious
allegations (no actual harm) must be investigated under no specific timeframe.
Between 2011 and 2015, the Office of Inspector General (OIG) reports that almost all State SA met
timeframes for investigating complaints assigned immediate jeopardy and actual harm. Over this 5year period, States did not investigate 9 immediate jeopardy and 166 actual harm complaints onsite,
representing less than 1 percent of these complaints collectively.
Sources: CMS SOM (Chapter 50) and OIG 2017 data brief (https://oig.hhs.gov/oei/reports/oei-0116-00330.pdf)

Appendix 2. Example of Standards of Care That Can Be Violated
* Let residents refuse treatment, refuse to take part in an experiment, or formulate advance directives
* 1) Protect residents from being forced to work at the nursing home, or 2) let residents work if they
want to
* Send unopened mail from residents and promptly deliver unopened mail to residents
* Allow residents to have visitors
* Keep each resident free from physical restraints, unless needed for medical treatment
* Keep each resident free from drugs that restrain them, unless needed for medical treatment
* Protect each resident from all abuse, physical punishment, and involuntary separation from others
* Protect each resident from mistreatment, neglect and misappropriation of personal property
* 1) Hire only people with no legal history of abusing, neglecting or mistreating residents; or 2) report
and investigate any acts or reports of abuse, neglect or mistreatment of residents
* Provide care for residents in a way that maintains or improves their dignity and respect in full
recognition of their individuality
* Give residents proper treatment to prevent new bed (pressure) sores or heal existing bed sores
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Appendix 3
(a): A simplified (chronological) process that generates a report of care home k listing V’ violations

(2)
Trigger
Regulationkt

Care Home k
(3)
Inspection

(4)
Outcome
Reportjkt:
“V’ violations
were found”

Inspectionj

Complaintkt
(1)
Violationsk

V’jkt≤Vkt

Violation v1
Violation v2
Violation vn
Vkt= ∑!$ #!"#

Unobserved
(1) Violations vi occur in care home k.
New violations start accumulating from the time an inspection ends. At any given time t the number of violations that accumulated since the last inspection is !!" = ∑#$ $#!" . Note that V can
only increase over time (violations can be forgotten, but they cannot “unoccur”).
(2) An Inspection is triggered (“Trigger”)
There are two potential reasons for an inspection to occur.
- Regulation requires that an inspector visits the care home and issues a report on its performance. In our data set the regulatory trigger depends on the amount of time elapsed since the last
inspection. OR
- A complaint is filed with the state regulators. Once a formal complaint is registered the regulator is legally obligated to launch an inspection.
(3) Inspector j visits the care home (“Inspection”).
Her team spends several days inspecting the care home, interviewing residents and staff and writing a detailed report about any violation they identify.
(4) A report recording !′%!" violations (for care home k) is produced (at time t) (“Outcome”)
We assume inspectors only report on violations they identify (do not make up violations), any report written by inspector j at time t about care home k includes records of !′%!" ≤ !!" violations.
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(b): Potential paths for RA to impact the resulting report23

Care Home k
Trigger

Outcome

Inspection

Regulationkt
Reportjkt:
“V’ violations
were found”

Inspection

E

as)
(bi
j
tor
(b) nspec
i
on
A
fR
ct o
e
f
f

Ef
fec

to
f R (c)
A
on
co
mp
lain
ts

Complaintkt

Religious
Affiliationk

Violationsk

Violation v1
Violation v2

(a)
Effect of RA on the production of violations

Violation v..
Vkt= ∑!$ $!"#

Unobserved

V’jkt≤Vkt

Religious affiliation can impact the final report in one of three
ways:
a)

Religious affiliation can impact the number or severity of
violations
b) Religious affiliation can moderate the likelihood that
victims or observers of violations will file a formal
complaint
c) Religious affiliation can moderate the likelihood that, given
a set of violations Vkt= ∑!$ #!"# , inspector j will register
the violations in the final report.
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Appendix 4a. Sample Activity Schedules in RA Homes
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Appendix 4b. Sample Activity Schedules in Secular Homes
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Appendix 5. Coding Scheme for Religious Affiliations
STEP 1: We manually searched for and visited the website of each home coded as “religious” in our data,
and we recorded the most granular religious affiliation reported. We identified 43 “denominations”:
Search result

%

Search result

%

Catholic

20.89

Free Methodist

0.32

Not listed

16.09

Congregational Christian

0.25

Christian

15.04

Christian Reformed Church

0.20

Lutheran

11.73

Moravian Church

0.15

Evangelical Lutheran

4.91

Peace Church

0.15

Multidenominational

3.96

Evangelical Free Church

0.12

United Methodist

3.78

Protestant

0.12

Presbyterian

3.31

Brethren in Christ Church

0.10

Baptist

2.49

Missionary Church

0.10

United Church of Christ

2.14

Fellowship of Grace Brethren Churches

0.07

Church of Christ

1.79

Orthodox

0.07

Adventist

1.72

American Baptist Church

0.05

No website available

1.69

Churches of God

0.05

Mennonite

1.49

Churches of God in Christ

0.05

Evangelical Covenant Church

1.12

First Congregational Church

0.05

Jewish

1.12

Healing Ministry of Jesus Christ

0.05

Episcopal

1.10

Pentecostal

0.05

Church of the Brethren

1.05

Reformed Church

0.05

Methodist

0.90

United Zion Church

0.05

Quaker

0.62

Buddhist

0.02

Nazarene

0.57

Christian and Missionary Alliance

0.02

Evangelical Congregation Church

0.32

First Christian Church of Canton

0.02

Persian Religions

0.02

STEP 2: Following the coding scheme developed by Steensland et al. (2000), we grouped these affiliations
in broader religious categories:

Coding

%

Mainline Protestant

31.50

Catholic

20.89

Not listed

17.78

Christian

15.04

Evangelical Protestant

9.44

Multidenominational

3.96

Other

1.39
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Appendix 6. Analyses Excluding Follow-Up Inspections

Religious
Complaint

(1) Survival
model
-0.125**
(0.047)

-28.274***
(0.686)

(2) Generalized
ordered logit
-0.166+
(0.095)
3.569***
(0.221)
0.398**
(0.142)
-

1,066.08
37,079

0.0000
-21,949.14
37,783

Religious x Complaint
Constant
Lnalpha
Wald test*
Log Likelihood
N

(3) Negative
binomial
0.026
(0.025)
-0.705***
(0.012)
0.114*
(0.045)
0.816***
(0.071)
-1.120***
(0.013)
0.0000
-87,581.54
37,783

+ p<0.1; * p<0.05; ** p<0.01; *** p<0.001. Two-tailed significance tests. Standard errors in parentheses.
All models include state, month, and year dummies as well as the following controls: Days to inspection (except Model 1), Lagged severity, Quality
rating, For profit, Number residents, % Medicaid residents, % White residents, Occupancy rate, Distance to competitor.
* Wald test: Complaint + Religious x Complaint = 0

Severity

Appendix 7. Severity of Violations after a Complaint, by Time Elapsed Since Last Routine Inspection
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Appendix 8a. Predictive Margins for the Severity of Violations Identified

Severity Religious Complaint
0

1

2

3

4

0
0
1
1
0
0
1
1
0
0
1
1
0
0
1
1
0
0
1
1

0
1
0
1
0
1
0
1
0
1
0
1
0
1
0
1
0
1
0
1

CEM sample
Margins SD

Full sample
Label Margins SD
Secular routine
Secular complaint
Religious routine
Religious complaint
Secular routine
Secular complaint
Religious routine
Religious complaint
Secular routine
Secular complaint
Religious routine
Religious complaint
Secular routine
Secular complaint
Religious routine
Religious complaint
Secular routine
Secular complaint
Religious routine
Religious complaint

0.037
0.009
0.044
0.007
0.062
0.036
0.070
0.028
0.880
0.823
0.867
0.793
0.017
0.098
0.014
0.126
0.004
0.033
0.004
0.045

(
(
(
(
(
(
(
(
(
(
(
(
(
(
(
(
(
(
(
(

0.001
0.001
0.003
0.001
0.001
0.001
0.005
0.002
0.002
0.002
0.006
0.009
0.001
0.002
0.001
0.008
0.000
0.001
0.000
0.004

)
)
)
)
)
)
)
)
)
)
)
)
)
)
)
)
)
)
)
)

0.043
0.010
0.049
0.009
0.059
0.033
0.064
0.028
0.876
0.814
0.867
0.789
0.018
0.111
0.016
0.134
0.004
0.032
0.003
0.040

(
(
(
(
(
(
(
(
(
(
(
(
(
(
(
(
(
(
(
(

0.001
0.001
0.004
0.001
0.002
0.001
0.004
0.002
0.002
0.003
0.006
0.009
0.001
0.002
0.001
0.009
0.000
0.001
0.000
0.003

)
)
)
)
)
)
)
)
)
)
)
)
)
)
)
)
)
)
)
)

CEM sample
Margins
SD
6.180 ( 0.034
2.588 ( 0.018
6.386 ( 0.131
2.799 ( 0.084

)
)
)
)

Appendix 8b. Predictive Margins for the Number of Violations Identified

Religious Complaint
Label
0
0
Secular routine
0
1
Secular complaint
1
0
Religious routine
1
1
Religious complaint

Full sample
Margins
SD
6.688 ( 0.028
2.617 ( 0.013
6.805 ( 0.137
2.969 ( 0.088

)
)
)
)

Endnotes
According to the New York Times (Silver-Greenberg and Gebeloff 2021), nearly 130,000 nursing home
residents have died from COVID-19.
2 We interviewed the New York Times reporters and confirmed that the data they used do not include
complaint inspections.
3 We conducted several tests for the independence of the two types of inspections detailed in the
robustness tests and appendices. We discuss other potential violations of this independence, and
implications of those for our findings, in section 7.2.
4 “Nursing homes that participate in the Medicare and/or Medicaid programs have an onsite
recertification (standard) ‘comprehensive’ inspection annually on average, with very rarely more than
fifteen months elapsing between inspections for any one particular nursing home” (CMS 2015, p. 2).
5 “The willful infliction of injury, unreasonable confinement, intimidation, or punishment which results in
physical harm, pain or mental anguish” (Hawes 2003, p. 449)
6 “Failure to provide goods and services necessary to avoid physical harm, mental anguish, or mental
illness” (Hawes 2003, p. 450, taken from OBRA 1987 legislation).
1
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For example, the Catholic Hospital Association strongly opposed universal health insurance in 1943
(Reich 2014).
8 Although many religious health systems can trace their origins to acts of charity, they adapted to address
the needs of a new clientele of paying patients (Reich 2014). In his detailed work on U.S. hospitals, Reich
reports that these organizations were—by the turn of the 20th century—deriving three-quarters of their
revenues from patient payments.
9 This is something we also observed in our setting. With two research assistants, we visited the website
of every RA home in our sample, and we searched for photographs of the facilities and daily activities
schedules. We also interviewed nursing home managers and conducted onsite visits. For illustrative
purposes, Appendix 4a contains a typical monthly schedule of a RA home.
10 The list of care standards is available from the CMS Technical Users’ Guide (February 2015).
11 In moral philosophy, the relation between wrongdoing and monitoring is first raised in Plato’s Republic
(book 2, chap. 1).
12 Considering nursing home residents in particular, these dynamics are especially likely to come into play:
65% of Americans over 65 say that they “pray daily or more often.” These older individuals have often
received extended exposure to religion, and 40% report that they “rely most on religious teachings and
beliefs on questions of right or wrong” (Pew Research Center 2009).
13 For examples, a large majority of U.S. Catholic hospitals do not disclose that they have religious policies
limiting the types of reproductive and end-of-life services offered at their facilities and by their affiliated
physicians (Meyer 2019).
14 Interestingly, for instance, the Catholic Hospital Association lobbied in favor of the Hill–Burton Act,
which was enacted in 1946 and guaranteed loans for the construction of religious hospitals with minimal
government oversight (Reich 2014).
15 This was not straightforward: the “Deficiencies” data files compiled by CMS include all violations
identified by inspectors, but omit inspections that identified no violation. Because this could bias our
analyses, we collected additional data: specifically, we used yearly firm-level CMS data files from the
Nursing Home Compare initiative that track the last three inspections conducted in the home; these data
contain little information about inspection outcomes but they do include all inspections—including those
resulting in zero violation being identified. We matched these data with our original dataset. Between 6%
and 7% of our observations (in any given year) result in zero violation being identified.
16 We discuss the residual inspector-level bias formally in Appendix 3.
17 See e.g., https://www.auditor.leg.state.mn.us/ped/pedrep/0505all.pdf (p. 10).
18 For example, 12% of RA homes described themselves as “Lutheran.” Lutheran Church–Missouri
Synod, Wisconsin Evangelical Lutheran, and Other Lutheran Churches are all classified as “Evangelical
Protestant,” but American Lutheran Church, Evangelical Lutheran, Lutheran Church in America, Latvian
Lutheran, and Lutheran are considered “Mainline Protestant.” For such cases, we identified the county in
which the home was located and, using the 2010 county-level census on religiosity, selected the affiliation
with most adherents in the county (in this example, either “Mainline” or “Evangelical Protestant”).
19 This feature is crucial because a nursing home can easily receive more than a single complaint; as a
result, however, the reported descriptive statistics do not include life tables.
20 https://gking.harvard.edu/cem.
21 We computed a Herfindahl Index by using the “market share” of Catholics, Evangelical Protestants,
Mainline Protestants, and Others in each U.S. county (for details about the Census coding scheme, see
Grammich 2012; http://www.usreligioncensus.org).
22 As a first step in this direction, we returned to our data and identified all nursing homes operated by the
U.S. Department of Veterans Affairs (VA): we were curious about whether we might observe similar
dynamics in this military setting. While our sample is too small to make any conclusive claims, the data
seem to suggest that these homes’ military identity (an archetypal example of a “strong identity”) is
associated with more egregious violations during complaint inspections. However, we do not find that it
reduces the risk of complaint inspections, either because of the small sample size in our analysis or for
other reasons.
23 Note that in our case religious affiliation does not moderate the likelihood that a complaint would lead
to an inspection because legislation dictates that every complaint must be followed by an on-site
inspection. Religious affiliation does not moderate the likelihood that an inspection triggered by
regulatory obligations will occur. These are mandated by legislation and depend solely on how much time
has passed since the prior inspection.
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